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Abstract

This quantitative study examined the extent to which digital selling maturity predicts sales performance among Business‑to‑Business (B2B) salespeople in the U.S. projects sector. Guided by the Digital Maturity Model for project sales developed by Voss (2024), the study assessed digital maturity across three key stages of the sales process: searching for customers and opportunities, presenting and consulting, and implementation. Although digital selling technologies have expanded rapidly, organizations continue to lack clear guidance on how to evaluate their digital maturity or understand its relationship to salesperson performance. Using a survey‑based approach, digital maturity was operationalized through validated sub‑dimensions of digital tools, while sales expertise was measured using prior‑year quota attainment.
The study contributes to the growing body of research on digital transformation in sales by empirically testing the predictive relationship between digital maturity and salesperson performance within a project‑oriented B2B context. Project‑based B2B transactions carry substantial economic and public significance, making the effective integration of digital tools increasingly critical. The findings are expected to provide organizations with a clearer framework for benchmarking their digital maturity and making informed strategic decisions that enhance salesperson productivity and improve client experiences. More broadly, this research extends existing literature by applying a structured digital maturity model to the unique and complex environment of project‑based B2B selling.


Table of Contents
Chapter 1	11
The Problem and Its Setting	11
Introduction	11
Theoretical Framework	14
Conceptual Framework	16
Purpose of the Study	17
Research Question	17
Sub Problems	17
Hypotheses	18
Definitions	18
Delimitations	21
Assumptions	22
Significance	22
Chapter 2	23
Literature Review	23
Introduction	23
Background - Sales	23
B2B Selling	23
B2B Sale Types	25
Digital Maturity of Sales	27
Digital Maturity Background	27
Digital Maturity of Sales Processes for Projects	30
Digital Selling Tools	31
Introduction	31
General Digital Selling Tools: Sales Force Automation	32
General Digital Selling Tools: Customer Relationship Management	34
General Digital Selling Tools: Information Technology	37
General Digital Selling Tools: Social Media	38
General Digital Selling Tools: AI	40
Project Digital Selling Tools	42
Introduction	42
Sales Process Phase: Searching for Project Opportunities and Customers	43
Sales Process Phase: Presentation of the performance portfolio and consulting	48
Sales Process Phase: Implementation	53
Summary	58
Chapter 3	60
Methodology	60
Introduction	60
Research Design	60
Participants	61
Inclusion Criteria	62
Exclusion criteria	62
Recruitment	62
Instrumentation	63
Data Collection/Procedure	65
Data Analysis	66
Sub Problems	66
Supplemental Analysis	67
Chapter 4	68
Results	68
Introduction	68
Data Screening and Preparation	68
Reliability Analysis	70
Sales Phase of Searching for Project Opportunities and Customers	70
Sales Phase of Presentation and Consulting	71
Sales Phase of Implementation	71
Demographic Information	72
Sub Problem 1 – Sales Phase of Searching for Project Opportunities and Customers	72
Sub Problem 2 – Sales Phase of Presentation and Consulting	74
Sub Problem 3 – Sales Phase of Implementation	76
Sub Problem 4 – Sales Quota Attainment by B2B Salespeople	78
Sub Problem 5 – Digital Selling Maturity and Sales Quota Attainment	80
Supplemental Analysis	83
Current Years	83
Years in B2B Sales	84
Company Size	85
Chapter 5	92
Discussion	92
Introduction	92
Discussion	92
Sub Problem 1 – Sales Phase of Searching for Project Opportunities and Customers	93
Sub Problem 2 – Sales Phase of Presentation and Consulting	94
Sub Problem 3 – Sales Phase of Implementation	95
Sub Problem 4 – Sales Quota Achievement by B2B Salespeople	96
Sub Problem 5 – Relationship of Digital Selling Maturity and Sales Quota Attainment	97
Supplementary Model	99
Alternative Explanations	101
Implications	102
Limitations	103
Future Research	104
Conclusions	105
References	108
Appendix	130
Appendix A – Sample Size G*Power Analysis	130
Appendix B - Solicitation	131
Appendix C – Survey Qualifying Questions	132
Appendix D – Survey Demographics Questions	133
Appendix E - Survey	135
Appendix F – ERC Approval	138
Appendix G – Informed Consent	139
Appendix H – Sub Problem 5	142
Appendix J – Sub Problem 5	144
Appendix K – Sub Problem 5	145
Appendix L – Sub Problem 5	146
Appendix M – Supplemental Analysis	147
Appendix N - Supplemental Analysis	148
Appendix O - Supplemental Analysis	149
Appendix P - Supplemental Analysis	150
Appendix Q - Supplemental Analysis	151
Appendix R – Supplemental Analysis	152



List of Tables

Table 1 Digital Maturity of the Sales Phase of Searching for Project Opportunities and Customer	73
Table 2 Digital maturity level by project B2B salespeople in the sales phase of presentation and consulting.	75
Table 3 Digital maturity level by project B2B salespeople in the sales phase of implementation	77
Table 4 Frequency Statistics of Sales Quota Attainment	79
Table 5 Regression Analysis Summary	82
Table 6 Regression Analysis ANOVA	83
Table 7 Regression Analysis Summary	87
Table 8 Regression Analysis Summary	88
Table 9 Regression Analysis Summary	90
Table 10 Regression Analysis ANOVA	91



List of Figures

Figure 1 Digital Maturity Model for B2B Projects	15
Figure 2 Researcher’s Conceptional Framework Model	16
Figure 3 Survey Participant Screening Prisma Chart	69
Figure 4 Years in Current Role Boxplot	84
Figure 5 Years in B2B Sales Boxplot	85
Figure 6 Company Size Boxplot	86



[bookmark: _Toc234468517][bookmark: _Toc234472591][bookmark: _Toc234473187][bookmark: _Toc234473202][bookmark: _Toc234473759][bookmark: _Toc234499913][bookmark: _Toc234506788][bookmark: _Toc235104610]Chapter 1
[bookmark: _Toc234468518][bookmark: _Toc234472592][bookmark: _Toc234473188][bookmark: _Toc234473203][bookmark: _Toc234473760][bookmark: _Toc234499914][bookmark: _Toc234506789][bookmark: _Toc235104611]The Problem and Its Setting
[bookmark: _Toc234473189][bookmark: _Toc234473204][bookmark: _Toc234473761][bookmark: _Toc234499915][bookmark: _Toc234506790][bookmark: _Toc235104612]Introduction
It is not yet known to what extent organizational digital selling maturity influences project‑based B2B salespeople. Modern sales professionals have access to a wide range of digital selling tools that can enhance value creation for customers and contribute to salesperson productivity (Mullins & Agnihotri, 2021). The degree to which these tools are available, adopted, and effectively integrated into sales processes can be assessed through digital maturity models, which provide structured benchmarks for evaluating levels of digitization (De Bruin et al., 2005; Voss et al., 2024). Digital maturity reflects the extent to which an organization embraces technology and incorporates digital capabilities into strategic planning and operational decision‑making (Aliy et al., 2025).
As organizations work to digitize their B2B selling practices, many struggle to assess their current level of digital maturity and to determine which digital selling technologies to adopt. The rapid advancement of digital technologies, often described as the fourth industrial revolution,  has accelerated the pace at which new tools enter the sales landscape (Syam & Sharma, 2018). Reflecting this expansion, more than 150 sales technologies have been identified, spanning tools designed to enhance communication, automate workflows, and analyze sales data (Altschuler, 2020). This proliferation of options underscores the need for structured frameworks that help organizations evaluate their digital capabilities and make informed technology adoption decisions.
A key aspect of this research is the digitization of the B2B sales role and understanding the level of digital maturity across specific stages of the selling process. The concept of contemporary selling has existed since the early twentieth century, originating within the manufacturing sector (Friedman, 2005). For organizations to successfully transform digitally, they must integrate technology into their culture, operations, and strategic decision‑making (Aliy et al., 2025). Moreover, B2B buyers increasingly carry expectations shaped by their experiences as Business-to-Consumer (B2C) buyers, transferring their personal purchasing standards into professional buying journeys (Mahlamäki et al., 2020). Unlike B2C contexts, B2B salespeople typically participate in the entire selling process, from initial engagement through implementation (Van Weele, 2018).
The project industry possesses unique characteristics that create additional challenges for both B2B salespeople and organizations undergoing digital transformation. Voss (2024) identifies two primary differentiators that shape this environment: complexity and financial scope. Complexity arises from the highly technical nature of project sales, including the depth of information required by buyers and the extensive support needed throughout the implementation phase. Financial scope is influenced by the long duration of project sales cycles, which often begin well in advance of project initiation and require sustained engagement over time (Ryynänen et al., 2013). These factors make digital enablement more difficult yet increasingly essential for project‑based B2B sales organizations.
Research on digital selling technologies is heavily weighted toward demonstrating the benefits of adoption, yet organizations receive limited guidance on how to assess their current level of digital maturity or establish benchmarks for digital transformation. Prior studies show that for technology to improve performance, salespeople must believe in the tools they use and fully embrace them (Rodriguez et al., 2012). Mullins and Agnihotri (2022) identify the most common categories of digital selling technology as SFA, CRM systems, IT, social media, and AI Despite the rapid acceleration of digital investment during the COVID-19 pandemic, many organizations have struggled to realize meaningful returns, with a significant portion of digital initiatives failing to meet expectations (Denning, 2021). According to McKinsey, more than 90% of B2B sales organizations shifted to remote selling during the pandemic, requiring technology to replace traditional in‑person practices (Gavin et al., 2020). Their findings also indicate that digital interactions may carry two to three times the influence of traditional sales engagements.
Although prior research has demonstrated that digital selling technology may enhance sales performance (Mullins & Agnihotri, 2021), what remains unclear is to what extent digital maturity affects sales performance to individual sellers across specific sales stages in project-based B2B environments. Existing studies focus on organizational-level digital transformation (Guenzi & Nijssen, 2021), salesperson attitudes towards technology adoption (Hunter, 2019) or the general benefit of digital tools without a definitive measure of digital maturity (Syam & Sharma, 2018). What is not yet known is whether digital maturity at each sales stage as conceptionalized by Voss et al. (2024) serve as a meaningful predictor of sales performance as measured by prior-year sales quota attainment (Ko & Dennis, 2004). This study addressed the gap in researching by testing the predictive relationship between digital maturity at specific sales stages and salesperson performance in order to provide organizations with a clearer understanding of the impact of digital maturity benchmarks for digital transformation strategy.
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The area of inquiry for this study is the level of digital maturity among B2B salespeople. Digital maturity models are well established as tools for assessing the degree of digitization across broad organizational contexts (De Bruin et al., 2005). Numerous models exist and are applied across a wide range of industries and sectors (Rafael et al., 2020). For this study, the selected framework is the Digital Maturity Model for the sales process in projects sales was developed by Voss et al. (2024). This model is the most appropriate for addressing the research questions because it evaluates both digital maturity and the sales process specifically within project‑oriented B2B environments.
The digital maturity model for project‑based B2B sales was developed to establish a foundational framework that identifies the factors influencing digital maturity, clarifies the relationships between sales phases and digital maturity dimensions, and provides scales that describe the elements shaping digital maturity. The model created by Voss et al. (2024) demonstrates that digital maturity must be evaluated in connection with specific stages of the sales process rather than as a single, overarching construct. Supporting this perspective, Ochoa‑Urrego and Peña (2021) conducted an exhaustive review of digital selling maturity models and concluded that no single dimension is sufficient to capture the full complexity of digital maturity.
Although all stages of the sales process present opportunities for digital maturity, only the phases of searching for opportunities and customers, presentation and consultation, and implementation were developed into measurable sub‑dimensions for statistical analysis. As a result, the stages of Offer Preparation and Negotiation, as well as after‑sales customer retention, were not included in the scaled model. The digital maturity model for B2B sales outlines each phase of the sales process and links these phases to two primary maturity dimensions: tools and skills. Each dimension is further divided into sub‑dimensions that categorize specific technologies or skill areas, and each sub‑dimension is clearly defined to support consistent measurement.
The research questions in this study focus on the distinctive nature of project‑based B2B sales and the structure of their sales processes. The digital maturity model aligns with these characteristics and specifically addresses three critical stages of the sales cycle. For the purposes of this study, the sub‑dimensions associated with tools will serve as the basis for measurement.
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Digital Maturity Model for B2B Projects
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Note: This figure demonstrates the elements of the model which indicates digital maturity dimensions align with which stage of the sales process for B2B project sales (Voss et al., 2024, p. 15).

[bookmark: _Toc234473763][bookmark: _Toc234499917][bookmark: _Toc234506792][bookmark: _Toc235104614]Conceptual Framework
The conceptual framework for this study is grounded in the Digital Maturity Model for B2B salespeople in the project sector. This study examined the digital maturity of organizations across specific aspects of the sales process (Figure 2) and assess whether these dimensions predict sales quota attainment. In their research on SFA and performance, Ko and Dennis (2004) identified prior‑year quota attainment as an effective and reliable measure of B2B salesperson performance. Accordingly, sales effectiveness in this study was operationalized as the percentage above or below each salesperson’s prior‑year quota. In addition to evaluating the three digital maturity dimensions as independent variables, the study also established a performance benchmark for salespeople in the projects sector.
[bookmark: _Toc235093902][bookmark: _Toc235093988][bookmark: _Toc235094031]Figure 2 
Researcher’s Conceptional Framework Model
Sub-dimension
Main Maturity Dimension: Digital Tools

Note: This figure represents the conceptual framework addressing the research questions related to digital selling maturity at specific sales stages and their predictive correlation to sales performance as measured in quota attainment.
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The purpose of this quantitative study, using a survey‑based approach, tested the Voss (2024) digital maturity model for B2B sales by examining the extent to which digital selling maturity (independent variable) predicts sales quota attainment (dependent variable) among salespeople in the United States (US) projects sector. The independent variables represent digital maturity across key stages of the sales process, including searching for customers and opportunities, presenting and consulting, and the implementation phase. The dependent variable, sales quota attainment, was operationalized as performance based on each salesperson’s prior-year quota attainment.
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How does digital maturity in the sales processes of searching for customers and opportunities, presentation and consulting, and implementation predict sales quota attainment of project B2B salespeople within the US?
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1) What is the digital maturity level by project B2B salespeople, in the sales phase of searching for project opportunities and customers?
2) What is the digital maturity level by project B2B salespeople, in the sales phase of presentation and consulting?
3) What is the digital maturity level by project B2B salespeople, in the sales phase of implementation?
4) What is the level of sales quota attainment by project B2B salespeople?
5) What relationship exists between the digital maturity levels by project B2B salespeople in the sales phases of searching for project and opportunities and customers, presentation and consulting, and implementation in their level of sales quota attainment?
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Ho - Digital maturity in the sales processes of searching for customers and opportunities, presentation and consulting, and implementation does not predict sales quota attainment by project B2B salespeople within the US.
Ha - Digital maturity in the sales processes of searching for customers and opportunities, presentation and consulting, and implementation does predict sales quota attainment by project B2B salespeople within the US.
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Salespeople. Direct (B2B) salespeople are individuals employed by an organization who sell products to other business to be resold to other consumers (Msweli-Mbanga and Lin, 2003). In this role they are responsible for meeting the needs of their organization by achieving sales quota and generating profits for their organization (Msweli-Mbanga and Lin, 2003). The individuals who work with the intent of creating a sales transaction on theirs or their organizations behalf to a customer. For the purposes of this study, salespeople are individuals who work for an employer with the purpose of selling their product or service.
Sales Quota. Sales quota are the goals or objectives given to salespeople over a period of time which reflects their expected level of sales performance as well as a tool to motivate their performance and for forecasting purposes (Anderson, et al., 1988). This is usually expressed as a dollar amount or relative growth expectation of a salesperson. For the purposes of this study, a sales quota represents the personal goals given to individual salespeople by their employer for a calendar year.
Business-to-Business. Business-to-Business sellers are those who sell to buyers who purchase products/services for their businesses needs to resell to other business of end consumers (Schultz, et al., 2012). For the purposes of this study, B2B indicates the relationships between the organization of the salespeople as they attempt to and intend to sell their product or services to another business.
Sales Process. The division of different phases of sales activity (Voss et al., 2024). For the purposes of this study, sales process refers to the incremental steps taken by salespeople as they attempt to sell their product or service in the projects sector.
Searching for Customers and Opportunities. The process taken by salespeople to identify potential prospects who may be good candidates for the salesperson’s product or service (Voss et al., 2024). For the purposes of this study, the sales process stage of searching for customers and opportunities refers to the effort made by a sales person and/or their marketing department to identify potential prospects. The theoretical foundations have established a scale to measure the level of digital maturity of this stage.
Presentation and Consulting. The demonstration of a salesperson’s product or service and a needs analysis of a client to determine and match suitability of the salesperson’s offerings to the prospect’s requirements (Voss et al., 2024). For the purposes of this study, the sales process stage of presenting or consulting by a salesperson to a buyer. The theoretical foundations have established a scale to measure the level of digital maturity of this stage.
Implementation. The processes by which a buying customer uses the product or service sold to them by a salesperson (Voss et al., 2024). For the purposes of this study, the sales process stage of supporting the implementation of a product of service by a salesperson to a buyer. The theoretical foundations have established a scale to measure the level of digital maturity of this stage.
Sales Force Automation. Sales force automation, also abbreviated as SFA, can be defined as the use of software to replace human worker business processes and tasks (Lhuer, 2016).
Customer Relationship Management. Customer relationship management, also abbreviated as CRM, can be defined as software system(s) which includes four facets including customer information, organizational data, customer relationship technology, and knowledge management (Sin et al., 2005)
Information Technology. Information technology, also abbreviated as IT, can be defined as “any expertise that helps create, modify, store, manage, or communicate information” (Whitson, 2020, para. 1). Whitson adds that this includes the software, hardware, systems, integrations, etc.
Social Media. Social media can be defined as the utilization of software to support interactions among people with the goals of creating community as well as creating and distributing content (von Krogh, 2012).
AI. Kumar et al., (2019) in their research on AI and sales, provide a comprehensive definition of what AI is today in the sales and marketing space. AI is defined as the utilization of using computers with software and algorithms that can perform tasks previously performed by humans.
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Acknowledging delimitations in order to define the scope of the study and establish the generalizability of the research problem. The following are delimitations of this study:
· The study is only evaluating the digital selling tools (sub-dimension) provided by B2B sales organizations.
· This study is not evaluating the digital selling skills (sub-dimension) of the individual salespeople.
· This study is not evaluating the culture or expectations by their organizations leadership to use the digital selling tools.
· The study only included online survey participants.
· The survey participants were only in the US.
· This study was delimited to the focus of project B2B salespeople.
· Participants were delimited by requiring the participants to have at least two years B2B sales experience.
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The primary assumption in this study is that respondents provide honest and accurate answers. It is assumed that participants accurately reported their eligibility based on the inclusion criteria, accurately disclose their prior‑year quota attainment, and provide their best assessment of their organization’s level of digital maturity. Additionally, it is assumed that participants understand the survey items as intended and respond to the instrument to the best of their ability.
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A central significance of this and other dissertations is to explore an area of inquiry and contribute meaningfully to the existing body of knowledge. This study focuses on examining and understanding how digital maturity influences the performance of B2B salespeople. Although extensive research highlights the benefits of digital selling technologies, far less guidance exists to help organizations assess their current level of digital maturity. Developing an expanded framework will provide organizations with clearer benchmarks for evaluating their digital capabilities within the sales process. In turn, this insight can support more informed strategic decisions aimed at improving salesperson productivity as well as enhancing client experiences and outcomes. The expected contribution of this study is to extend prior work in the project-oriented B2B selling domain. Project-based B2B transactions carry heightened significance compared to B2C exchanges due to their larger economic scale and broader public impact.
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This study examined the digital maturity of project-based B2B salespeople in the US. The literature reviewed for this chapter was gathered from peer-reviewed publications, with emphasis on research from contemporary publications supplemented by seminal works. The first theme of the review addresses the foundations of selling, including B2B sales and the various types of sales approaches. The second theme focuses on digital maturity, including digital maturity within sales and broader themes in digital selling. The third theme summarizes the five most common categories of digital selling technologies. The fourth theme provides a review of digital selling technologies specific to each stage of the sales process within the projects sector.
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B2B sales differ significantly from B2C particularly in how salespeople interact with clients and how clients seek information during the buying process. Traditionally, the salesperson has been viewed as the organizational representative responsible for delivering value to buyers and negotiating on behalf of the firm (Hartmann et al., 2018). In B2B contexts, this role extends even further: salespeople play a central part in guiding customers through the entire purchasing process, providing support from initial problem identification through solution evaluation and implementation (Bongers et al., 2021; Van Weele, 2018).
Although selling situations rarely unfold in exactly the same way, there are widely recognized steps that structure the selling process. Dubinsky (1981) identified seven foundational stages, a framework that has been extensively validated in subsequent research (Homburg et al., 2011; Markic et al., 2024; Syam & Sharma, 2018; Voss et al., 2024). The first stage, prospecting, involves identifying potential clients. The second, pre‑approach, includes the preparatory work required of the salesperson, such as market research and internal analysis. The third stage, approach, consists of initiating meaningful contact with the client to uncover needs and introduce potential solutions. The fourth stage, presentation, centers on offering a recommendation aligned with the client’s identified needs. The fifth stage, overcoming objections, involves addressing any concerns raised by the prospective buyer. The sixth stage, closing, includes negotiating terms and confirming next steps. The seventh and final stage, follow‑up, ensures that commitments are fulfilled and that the client receives adequate support after the sale.
Salespeople are typically evaluated based on sales quotas. A sales quota represents the performance objective assigned to a salesperson by their organization (Anderson et al., 1988). These targets are generally set on an annual basis and are aligned with the organization’s broader revenue goals distributed across the salesforce (Mathur, 2008). Mathur further notes that several factors influence the development of sales quotas, including market potential, the strength of the sales team, competitive advantages, and environmental conditions within each territory. Importantly, sales targets are intended to be ambitious yet achievable. Czinkota et al. (2021) add that evaluating sales targets requires consideration of both volume and value components.
The boundary between B2C and B2B sales has increasingly blurred as advancements in digital technology which are shaping how sales is conducted. Research shows that digitization transforms how salespeople communicate and engage with customers, creating expectations for speed, transparency, and seamless digital interactions that mirror B2C experiences (Henderson et al., 2018; Sleep et al., 2020). As B2C sector continue innovation the expectations are transferring to B2B buyers in their professional purchasing contexts Herhausen et al. (2020). This shift is further accelerated by digital selling technology providers expanding from consumer markets into B2B environments, bringing with them digital capabilities such as automation, AI‑driven insights, and self‑service tools (Huang & Rust, 2021; Marinchak et al., 2018). As a result, B2B selling is evolving toward a more digitally enabled, customer‑centric model that blends the relational depth of traditional B2B sales with the efficiency and accessibility characteristic of B2C digital experiences.
In conclusion, the B2B selling environment is increasingly converging with B2C practices. This convergence is driven by technological advancements in B2C markets and the desire of B2B organizations to enhance relevance, efficiency, and customer experience. Additionally, technology providers that have shaped modern e‑commerce in consumer markets are now seeking to expand their influence and disrupt traditional B2B sales models.
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The term B2B describes the exchange of goods or services between businesses, but all of their transactions cannot be generalized. In order to the B2B project sector, the different types need to be identified and defined. According to Backhaus et al. (2003) there are three distinct types of B2B markets which include project, product, and relationship. The three distinct markets of B2B types also distinguish their scale and the contexts of the stakeholders (Voss et al., 2024).
The first type of B2B market is product business. According to Voss et al., (2024) a product business is the exchange of goods or services between businesses with little to no investment on either party to create the transaction. Furthermore, this model is not necessarily measured based on volume or dollar amount, but rather the ease for buyers to choose alternates or substitutes with little issue. Wengler et al. (2021) describes product businesses as one which produces inventory in anticipation of demand with no particular buyer committed. An example may be a law firm who purchases large volumes of paper from one retailer and has for many years, but if price or availability of product changes it would be easy for the buyer to purchase the paper from a different source.
The second type of B2B market is project business. According to Voss et al. (2024) a project business may be similar to a product business in that there is an exchange, however there is an investment of time or resources by the buyer or seller. Wengler et al. (2021) describe a project business as one where a product is being produced after an agreement has been reached between buyer and seller. A mutual dependency may be generated by the investment of either parties because there may be barriers for both parties in substituting buyers or sellers (Backhaus & Muehlfeld 2005; Voss et al., 2024).
The third type of B2B market is relationship business. According to Backhaus & Muehlfeld (2005); Voss et al. (2024) a relationship business indicates that the level of commitments by both buyer and seller go beyond initial transaction and demonstrate both a shared investment in the success of the relationship. Wengler et al., (2021) distinguish between a project type and a relationship type as one where a project type is a one-time transaction whereas relationship includes regular transactions such as a part supplier for an automotive manufacturer. Backhaus and Muehlfeld add that intention of continued business with no clear plans for termination.
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Digital maturity is often synonymous with the concept of digitization which is a term widely used in business. As technology advances in society, the digitization of life becomes essential (Ochoa-Urrego & Peña-Reyes, 2021; Voss et al., 2024). As organizations seek to increase their productivity and relevance, the digital transformation is seen as one of the best opportunities for these organizations to achieve their goals (Ochoa-Urrego & Peña-Reyes, 2021; Voss et al., 2024). Ochoa-Urrego and Peña-Reyes add that this digital transformation that is occurring right now is so significant that it is commonly referred to as the Industry 4.0 or the Fourth Industrial Revolution. Industry 4.0 will include the digital evolution of business and management landscapes (Labib, 2024).
In 1986 Carnegie Mellon University with assistance from the MITRE Corporation developed a process maturity framework which was intended as a means to improve software processes (Humphrey, 2002). This effort to understand the maturity framework of software stemmed from a government inquiry on assessing software contractors (Humphrey, 1987a) and the first maturity level questionnaire was developed in 1987 (Humphrey, 1987b). In 1991, Carnegie Mellon published the Capability Maturity Model for Software (Software CMM) which was built upon the software process maturity framework and questionnaire (Paulk et al., 1991). The original capability maturity model consisted of defining process groups, process architecture, and software engineering methods and defining level scores which represented a level of maturity in the respective category (Paulk, 2009). The original capability maturity model has been replaced by the Capability Maturity Model Integration (CMMI) and has led to many other models and frameworks (Curtis et al., 1995). Since their inception, software capability models have had a significant impact in the software development community (Paulk, 2009). Billions of dollars have been spent by organizations based on the frameworks from software capability models (El Emam & Goldenson, 1999).
If the pursuit to digitization has become a common aspiration for all organizations, the biggest challenge organizations may face is to determine how to get started. Getting started is a challenge for organizations because they must first tackle understanding their current level of digitization (Blatz et al., 2018). The term digital maturity was established to provide guidance to benchmark a level of digitization on a given topic (Thordsen et al., 2020). Digital maturity models evolve from the capability maturity model which play an essential role in helping organizations understand their current level of digitization (Ochoa-Urrego & Peña-Reyes, 2021). As the digitization journey is initiated, a maturity model provides an organization a better way to measure and understand their progress on digitization implementation (Boufim & Barka, 2021).
As the value of software capability models became clear in academia and industry, more specialized maturity models were developed. Modern maturity models are connected with the most popular maturity model which is the capability maturity model integration (Boufim & Barka, 2021). As the need to become digital and the recognition of the value of digital maturity models advances, many new models are being proposed which adds an additional challenge for organizations to determine which model best matches their distinctive circumstances (Ochoa-Urrego & Peña-Reyes, 2021). As consumers change in how they wish to be serviced, organizations need holistic methods to benchmark themselves in how well they are achieving their strategic objectives as well as the needs of their customers (Boufim and Barka, 2021).
Such reflection and adaption of strategy, maturity models provide the framework for organizations to both establish the path for their adaption as well as establish benchmarks (Thordsen et al., 2020). Thordsen adds that digital maturity models provide practical means to evaluate one’s journey towards digitization which are necessary to develop a path to transform processes to digital ones and acquire digital capabilities. Given that technology is always evolving, digital maturity models provide organizations a framework for continuous improvement (Boufim & Barka, 2021). As organizations seem to transform digitally, a digital maturity model will help them develop a roadmap to achieve their goals (Aras & Büyüközkan, 2023).
Digital maturity models go beyond a level of digitization of an organization process, but rather the level of market awareness of the organization in how well they fit in their space. In the context of digital maturity models, maturity has a specific meaning which can be understood as the ability of an individual or organization to adapt changing external environmental factors (Bititci, et al., 2015; Thordsen, et al. 2020). Most maturity self-assessment tools are structured in the forms of questionnaires with corresponding maturity levels assessed (Cognet et al., 2023). Cognet adds these scores allow companies to identify their strengths and weaknesses in every maturity dimension and sub-dimension. Digital transformations may be initiated by external factors which apply pressure on organizations to integrate digital processes in their operations (Bak & Jedynak, 2024). If organizations fail to adapt digitally, they may loss market position and competitive advantage (Zhang et al., 2022).

[bookmark: _Toc234499934][bookmark: _Toc234506809][bookmark: _Toc235104631]Digital Maturity of Sales Processes for Projects
Preliminary search of the academic literature shows that the term digital maturity produces a very large volume of results, reflecting its broad application across industries and disciplines. However, when the concept is combined with sales‑related concepts, particularly B2B sales or digital selling the volume of relevant scholarly work decreases substantially. This aligns with findings in the literature that digital maturity models are widespread, but only a small subset focus on specific organizational functions such as sales (Voss et al., 2024). Among the available models, Voss et al. (2024) identify a clear research gap: while numerous digital maturity models exist, very few address the sales process, and only one model specifically examines digital maturity within project‑based B2B sales environments.
The work of Voss et al., (2024) creates a digital maturity model to identify the dimensions and items pertaining to digital maturity in every phase of the project sales process. As previously reviewed, the sales process has seven phases which been described by Dubinsky (1981) and validated through ongoing research (Syam & Sharma, 2018; Voss et al., 2024). Voss adds that although each phase may include the use of technology, not every phase can be digitized yet and only the three phases searching for projects opportunities and customers, presentation of performance portfolio and consultation, and implementation were incorporated in the model.
[bookmark: _Toc234499935][bookmark: _Toc234506810][bookmark: _Toc235104632]Digital Selling Tools
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There are five broad categories of digital selling technologies that span B2C and B2B sales contexts and are now widely used across the sales profession. Research consistently demonstrates the wide‑ranging benefits these digital tools provide to organizations, and the COVID‑19 pandemic significantly accelerated the adoption and digitization of sales processes (Guenzi & Nijssen, 2021). Although scholarship on sales and sales technology extends back more than fifty years, the role of technology within the sales process remains insufficiently defined, with researchers noting that the integration of digital tools into selling activities is still evolving and lacks a unified conceptual framework (Agnihotri et al., 2023).
Digital transformation presents a significant challenge for both researchers and practitioners as organizations work to shift traditional sales processes toward digitally enabled ones that enhance competitive advantage and improve transactional efficiency between buyers and sellers. Digitization is not merely an additional layer placed on existing practices; rather, it is fundamentally reshaping how selling is conducted in contemporary markets (Alavi & Habel, 2021). Guenzi and Habel (2020) describe digital transformation in sales as a fundamental reconfiguration of sales process, roles, and capabilities enabled by digital technologies. Despite these advancements, many salespeople express concern that increasing reliance on digital tools may diminish their role or render them obsolete by reducing the perceived value they contribute to the selling process (Bongers et al., 2021).
In their research on digital readiness Mullins and Agnihotri (2022) identified five key technologies categories for sales technology. The first is SFA, which can be defined as the use of software to replace human worker business processes and tasks (Lhuer, 2016; Mattila, et al. 2021). The second is CRM, which can be defined as software system(s) which includes four facets including customer information, organizational data, customer relationship technology, and knowledge management (Sin et al., 2005; Corsaro et al., 2021). The third is IT, which can be defined as the expertise of managing information. (Whitson, 2020). The fourth is social media, which can be defined as the utilization of software to support interactions among people with the goals of creating community as well as creating and distributing content (von Krogh, 2012; Mattila, et al. 2021). The fifth is AI, which can be defined as the utilization of using computers with software and algorithms can perform tasks previously performed by humans. (Kumar et al., 2019).

[bookmark: _Toc234499937][bookmark: _Toc234506812][bookmark: _Toc235104634]General Digital Selling Tools: Sales Force Automation
An emerging advancement in selling is the increasing use of SFA. SFA refers to the use of software to replace or streamline business processes and tasks traditionally performed by human workers (Lhuer, 2016; Mattila et al., 2021). Firms continue to shift more administrative responsibilities onto salespeople, yet the opportunity costs associated with this transfer are often overlooked (Hunter & Perreault, 2007; Mattila et al., 2021). At the same time, customer behavior is changing as buyers increasingly prefer to gather information independently rather than rely on sales representatives (Syam & Sharma, 2018; Mattila et al., 2021). As customers take greater ownership of the information‑seeking process, salespeople must adapt to these evolving preferences (Singh et al., 2019; Elhajjar et al., 2023). One benefit of SFA is that it enables customers to navigate offerings, identify products and services, and in some cases complete simple transactions without the direct involvement of a salesperson (Thaichon et al., 2018; Mattila et al., 2021).
Organizations increasingly view SFA as a pathway to enhancing competitive advantage, and many believe that automating portions of the sales process can improve efficiency and performance. Estimates suggest that up to 40% of sales tasks have the potential to be automated through emerging technologies (Valdivieso de Uster, 2020). B2B firms, in particular, are adopting SFA tools to streamline workflows and reduce administrative burdens on sales teams (Mahlamäki et al., 2020). Industry analyses further indicate that most selling organizations have already automated at least one component of their sales process, reflecting the accelerating shift toward digitally enabled selling practices (Baig et al., 2020).
SFA, like many other digital selling tools, has been identified as being poorly adopted by salespeople. Mahlamäki et al. (2020) conducted research grounded in the Unified Theory of Acceptance and Use of Technology (UTAUT) to examine how salespeople perceive the usefulness and ease of use of SFA tools. To address this question in a B2B context, the authors surveyed Finnish distribution companies and collected 115 responses from individuals ranging from sales representatives to CEOs. Their findings indicated that SFA not only provided customers with the information they sought but also offered valuable insights into clients’ decision‑making processes, enabling salespeople to better understand customer needs and purchasing behaviors. Another key conclusion was that perceived usefulness played a more significant role than ease of use in shaping both salesperson and customer engagement with SFA tools.
In modern B2B selling organizations, sales and marketing functions operate as complementary partners. Marketing plays a critical role in generating content for prospective clients and capturing insights based on buyer behaviors and interactions. SFA supports both functions by streamlining content delivery and enabling more sophisticated data analysis (Mero et al., 2020). Marketing teams can further automate lead acquisition by leveraging customer‑relevant digital platforms such as webinars, live chat, and social media, which facilitate real‑time engagement and data collection (Dwivedi et al., 2021).
There are many examples of how SFA can change both the selling and buying experience. It is claimed that the process of automation has fundamentally changed both the buying and selling process in that now tasks once retained by the salespeople have shifted to the client such as education or technical support (Mahlamäki et al., 2020). An example of SFA is the use of sales configurators which may allow clients to complete purchases process without the need of a salesperson (Mahlamäki et al., 2020).
In conclusion, SFA represents one of the most disruptive developments in the evolution of digital selling. The very idea of using technology to replace or streamline steps in the sales process often triggers concerns among sales professionals about the potential for obsolescence. However, when implemented effectively, the true value of SFA lies not in replacing salespeople but in empowering them. By offloading routine, administrative, and low‑value tasks to automated systems, salespeople can devote more of their time to high‑impact activities such as relationship building, needs assessment, and consultative selling. In this way, automation serves as a strategic enabler that enhances—not diminishes—the role of the salesperson.
[bookmark: _Toc234499938][bookmark: _Toc234506813][bookmark: _Toc235104635]General Digital Selling Tools: Customer Relationship Management
CRM is the most widely recognized and broadly understood of the five digital selling tools discussed in this research. CRM systems support salespeople by tracking client communications, organizing account information, and prompting timely follow‑ups (Rangarajan et al., 2020). Over time, CRM has evolved from simple contact‑management software into a sophisticated, interconnected ecosystem designed to build, manage, and enhance customer relationships (Mutayalwad, 2025).
In the family of digital selling tools, CRM represents the largest share of adoption in the US and Globally. CRM market is expected to reach 123.8 billion by 2027 and is growing at a compound growth rate of 12.2% according to Normans Media Ltd (2022). Further, Normans Media Ltd noted that small and medium enterprises are growing at 15.8% CAGR expecting to represent $58 of the market by 2027. It was noted by Normans Media Ltd that in 2020 49.6% of the global market of CRM adoption was in the US. In a recent study the largest CRM provider Salesforce (2020) reported that organizations are spending more on technology per salesperson than merely CRM but are also focuses on data acquisition and analysis.
As sales reps are expecting to manage larger quantities of customers and the customers journey increases in complexity, organizations needed tools to empower their salespeople. CRM has been products are the prerequisite to achieve business success in both helping organize relevant customer data and assisting personalizing communization to customers (Puška, 2025). CRM tools are required to coordinate and improve communication between sellers and buyers (Ozay et al, 2024). CRM as a tool enables organizations to both attract new customers and retain existing ones (Puška, 2025).
A consideration of CRM systems is how it affects the selling process of salespeople, particular if it inhibits their ability to be adaptive or creative. A contemporary process used by B2B salespeople is consultative selling where a salesperson becomes an expert in their product and industry and provides customized information and education (Anderson & Dubinsky, 2004). Despite the potential benefits of data automation, CRM processes are often not effective implemented, and sales workflows are not effectively migrated (Salesforce, 2022).
Although research generally speaks to the benefits of digital selling technology, it is also acknowledged that failure is common. In their research on CRM trends Fernando et al. (2023) identified that 71.3% of organizations struggled in connecting data silos and 62.4% report exceeded manual maintenance which reduces productivity. Fernando further report that 76.8% of organizations identify data integration as one of the biggest barriers for successful CRM deployments. The need for connection of data is acknowledged by Fuad et al. (2024) in their research on enterprise systems integrations. CRM implementations often come with implementation challenges in part due to the cross-department nature of the tool including sales, marketing, and service (Lauzi et al., 2023).
A challenge organizations face is that CRM does require human management and there are increasing opportunity to capture customer data as well as interconnect systems. With customers leaving data to help sellers better sell to them in many places and enterprises emerging to capture and sell this data, increased connectivity and intelligence analysis of data will be required to handle this data (Fuad et al., 2024). Ozay et al. (2024) believe future businesses require CRM and AI integration to both capture and process the vast amount of available customer data.
In conclusion, CRM software is often the first digital selling technology that salespeople encounter, serving as their initial introduction to technology‑enabled selling. In their research on CRM and AI, Ozay et al. (2024) conclude that CRM alone is insufficient for fully engaging customers. However, when CRM is integrated with SFA and AI, it delivers substantially greater value to both organizations and sales professionals. This combination enhances data quality, improves customer insights, and supports more effective and personalized selling interactions.

[bookmark: _Toc234499939][bookmark: _Toc234506814][bookmark: _Toc235104636]General Digital Selling Tools: Information Technology
IT is a broad term encompassing the use of technology to gather, process, store, and create information. Whitson (2020) characterizes IT as the expertise involved in creating, maintaining, and managing information, including the software, hardware, systems, and integrations that support these activities. Beohlje and Langemeier (2021) note that IT has evolved dramatically over the past three decades, particularly since the 1990s, when improvements in data reliability enabled more informed decision‑making and the benefits of acquiring and synthesizing data began to outweigh their associated costs. They further describe IT as the process of transforming raw data into useful information through the application of theories, models, and analytical frameworks.
Investments in IT infrastructure is inherently aligned with the way a firm evaluates its value creation. In a study on the behaviors of executives purchasing stock related to major investments in IT by Havakhor et al. (2022) suggest that such investments encourage more personal investment by these executives. Although much research indicates positive outcomes from IT investments, Karhade and Dong (2021) have determined in their research that there are opportunities for overinvesting with diminishing returns.
In conclusion, IT systems long predate modern digital selling technologies, yet they now serve as the essential backbone that enables tools such as CRM and SFA to function effectively. Organizations capture vast amounts of data about prospective and existing buyers through salesperson interactions, customer service engagements, website behavior, and other digital touchpoints. This volume and variety of data require a robust IT infrastructure capable of storing, integrating, and synthesizing information into actionable insights. Strong IT systems allow organizations to transform raw data into meaningful intelligence that supports improved decision‑making, enhances sales strategy, and ultimately strengthens the effectiveness of digitally enabled selling.

[bookmark: _Toc234499940][bookmark: _Toc234506815][bookmark: _Toc235104637]General Digital Selling Tools: Social Media
Social media may be defined as the use of software platforms that enable interactions among individuals for the purposes of building community, sharing information, and creating and distributing content (von Krogh, 2012; Mattila et al., 2021). In contemporary selling environments, social media plays an increasingly important role in lead generation, client qualification, and customer acquisition by leveraging the large volumes of behavioral and engagement data these platforms produce (Agnihotri, 2020). Within B2B selling contexts, social media technologies provide salespeople with opportunities to engage prospects and existing clients directly within their professional networks, often through content created or curated by their organizations (Agnihotri, 2020). This enables salespeople to extend their reach, maintain visibility with buyers throughout the purchasing journey, and position themselves as sources of expertise.
The benefits of digital selling technology in the form of social media are not limited to organizations with large and technical marketing departments. Small and medium enterprises may receive additional benefits from social media than larger organizations because it allows easier access to customers and cost-effective ways to create content and acquire leads (Rodriguez et al. 2012; Mattila, et al., 2021).
In research on the topic of social media and the effect of sales Wang et al. (2020) recognize the value of social media’s immediate access to audiences but recognize the risk association with too much content and appearing too mass marketed rather than customized. Too often the content that is distributed is irrelevant to the recipient and too much content was determined to result in reduced sales outcome in th8e study conducted by Wang et al. (2020). Further, a benefit identified by Wang is that social media marketing can help organizations better understand the needs of their clients.
The value of social media to organizations has had extensive research. In a study seeking to understand the influence social media has on sales process and performance, it was determined that the social media had a positive outcome on performance and result in firm competitiveness (Enyinda et al., 2020). Despite research on positive outcomes, the topic of how salespeople see value in social media yields different results. More recently on a scale of 1-7, salespeople reported social media’s usefulness as 2.72 (Bill et al., 2020). Reflecting on low social media adoption by B2B salespeople Bill et al. (2020) conducted research to understanding low adoption by building a framework off of the Unified Technology and Use. A consideration by Bill et al. (2020) was that social media may not be an effective tool for B2B sales, so they sought to explore this question. Their research had two focused questions 1) why salespeople use or avoid social media and 2) in which conditions do B2B salespeople increase customer loyalty through social media. Their research concluded that salespeople believed social media usefulness was a 2.72 on a 1-7 scale and that social media helped foster long term loyalty at a 2.56 on the same scale. This finding indicates that despite years of usage and major investments by organizations in social media, the salespeople still fail to see value in the digital selling technology of social media.
In conclusion, social media has become one of the fastest‑growing digital selling tools in B2B sales. Unlike many other digital platforms, social media enables buyers to participate actively in the system, engaging not only with organizational content but also with contributions from employees, peers, and broader professional networks. This creates a more collaborative environment in which content creation, sharing, and interaction can occur fluidly between organizations and their stakeholders. Moreover, social media stands out because it is rooted in B2C experiences that nearly all participants are already familiar with in their personal lives, making adoption more intuitive and lowering barriers to engagement in B2B selling contexts.

[bookmark: _Toc234499941][bookmark: _Toc234506816][bookmark: _Toc235104638]General Digital Selling Tools: Artificial Intelligence
AI is becoming increasingly integrated into business processes, including sales. In their research on AI and selling, Kumar et al. (2019) and Ozay et al. (2024) define AI as the use of computers, software, and algorithms to perform tasks that were previously carried out by humans. Agnihotri et al. (2023, p. 37) extend this definition within the sales domain, describing AI as “technology with human‑like thinking capabilities, such as replicating the problem‑solving process, making predictions of various outcomes, suggesting alternative strategies, and offering advice to a sales professional.” Together, these perspectives highlight AI’s growing role in augmenting sales activities by enhancing decision‑making, improving forecasting, and supporting more informed and adaptive selling behaviors.
AI products have been used in sales for a number of years. A recent study indicates that only 21% of sales organizations report the use of generative AI in their selling processes (Yee et al., 2024). The most successful CRM and AI product is the Einstein product, which as of 2023 processed 164 billion daily predictions which was up 41% as compared to previous year (Veeravalli, 2025). Gartner (2023) predicts that AI will fulfill 60% of sales tasks by 2028.
In their research of AI and CRM, Veeravalli (2025) identified that today’s AI embedded CRM products have become requirement for customer engagement. With today’s machine learning algorithms in CRM, data indicates that data analysis of customer interactions can be as much as 93.7% accurate and customer retention rates improved by as much as 41% (Yoo et al., 2024). The most common integration of AI into sales is the complimenting and supplementing of the sales process (Rodriguez and Peterson, 2024; Hautamaki and Heikinheimo, 2025).
In extensive research on the topic of digitization of sales specifically in the B2B selling process, Fischer et al. (2022) concluded that every step in the selling process can be replaced or supplemented with the utilization of AI. Despite the advantages, Fischer et al. (2022) believe today AI is not ready to simply replace salespeople but a tool to be used by each party in appropriate situations.
Research indicates that AI is currently being used in sales, but limited to data analytics, process automation, and content creation (Salesforce, 2023). The biggest advantage of AI is its ability to process a large amount of data and reach meaningful conclusions, an example in sales is processing relevant customer data to understand trends and identify opportunities (Habel, et al., 2023). Currently, the sales process is not being fully automated but specific tasks and routines performed in the sales process such as appointment scheduling and follow-up messaging (McClure, et al. 2024). An application of AI that is well adopted by marketing and is increasingly being adopted by sales is in content creation, an example is creating a personalized email based on the customer and historical interactions to increase the likelihood of being read (Deveau et al., 2023).
Research indicates that there are opportunities for AI to support the sales process in more comprehensive ways that simply routine and task management. In shorter sales cycle transactional sales common in B2C the adoption and application of AI have easier paths, but B2B with more complexity and longer sales cycle requires deeper planning and integration of AI (McClure et al., 2024).  Despite this complexity Davenport and Fitts (2021) feel that AI does have the ability to learn and become more integrated into more aspects of the selling process. Once there is more integration of AI in the selling process it’s anticipated that AI will be able to be integrated in complex long sales cycles (Dickie et al., 2022; McClure, 2024).
In conclusion, the methods and applications of AI in sales remain an emerging area of research and practice. AI frequently overlaps with SFA and CRM, functioning as an additional layer that enhances efficiency and streamlines selling activities (Chatterjee et al., 2021; McClure et al., 2024). Existing research indicates that AI can significantly improve salesperson effectiveness by supporting decision‑making, enhancing forecasting accuracy, and enabling more personalized and adaptive selling behaviors (McClure et al., 2024; Hautamäki & Heikinheimo, 2025). As organizations continue to integrate AI into their sales processes, its role is expected to expand, further shaping the future of digital selling.
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The following section reviews the digital selling tools identified in the theoretical foundation and aligns them with their respective stages of the sales process. Although none of these tools are unique to digital selling, B2B sales, or project environments, they represent widely adopted technologies that serve as indicators of digital maturity. Several digital selling maturity items appear across multiple sales stages and maturity dimensions, reflecting the interconnected nature of digital tools and the overlapping capabilities they provide throughout the selling process.

[bookmark: _Toc234499944][bookmark: _Toc234506819][bookmark: _Toc235104641]Sales Process Phase: Searching for Project Opportunities and Customers
The sales process phase of searching for projects and customers includes several sub‑dimensions within the broader digital maturity framework. This phase contains two main maturity dimensions: digital tools and digital skills. Within the digital tools dimension, there is a single sub‑dimension focused on lead generation and qualification tools. Items within this sub‑dimension include social media platforms, company websites, chatbots, external databases, and marketing automation software. Within the digital skills dimension, the corresponding sub‑dimension is social media skills, which includes capabilities such as professional networking skills and the ability to create relevant, engaging digital content.

Social Media Platforms. This section reviews the sub‑dimension item of social media platforms as a digital selling maturity dimension. Although social media has already been discussed in this research as a general digital selling tool, it plays a particularly important and distinctive role in the project‑based B2B sales process. For B2B salespeople, social media supports a wide range of selling activities, including lead acquisition, brand and product awareness building, prospecting, securing referrals, and maintaining communication and connection with existing customers (Schultz et al., 2012; Terho et al., 2022).
From a sales performance perspective, social media can enhance salesperson effectiveness across multiple stages of the selling process. In the lead‑generation stage specifically, social media provides direct access to prospects and helps salespeople overcome increasing barriers to initial contact (Schendzielarz et al., 2022). Sales research consistently affirms that social media, as part of broader digital selling practices, contributes positively to salesperson performance (Appel et al., 2020; Gabeleila, 2024). Additionally, the integration of social media with AI has become essential for marketing functions, enabling higher levels of customer engagement, personalization, and satisfaction (Gabeleila, 2024).

Company Websites. This section reviews the sub‑dimension item of company websites as a digital selling maturity dimension. A company website functions fundamentally as a digital medium for communicating information (Garett et al., 2016). It also serves as a core component of content marketing, enabling organizations to create and distribute information designed to attract targeted audiences (Lou & Xie, 2021). Research demonstrates that well‑designed websites—those that are easy to navigate and contain relevant, high‑quality content—are effective marketing tools that can attract customers and influence purchasing behavior (Lee & Kozar, 2012).
Company websites differ in both content and purpose across B2C and B2B contexts. In B2B environments, websites typically aim to communicate essential information in a manner that is formal, credible, and relatable to professional audiences (Lopes & Casais, 2022). Andersson and Wikström (2017) found that credibility and trust are especially critical in B2B website design, given the higher stakes and longer decision cycles associated with organizational purchasing. Similarly, Holliman and Rowley (2014) conclude that B2B websites should prioritize helping users through valuable content rather than relying on overtly promotional or hard‑selling approaches.
Prospects who visit a B2B website commonly become leads through two primary mechanisms. The first—and most common—is first‑party authorization, in which prospects voluntarily provide their information by requesting contact or downloading content that signals their interest (Lopes & Casais, 2022). This method relies on explicit user consent and clear declarations of marketing outreach. The second mechanism involves third‑party data, where user behaviors on websites are tracked, analyzed, and used to inform targeted communication and outreach strategies (Mayer & Mitchell, 2012). Marketing messages can be tailored based on both first‑party and third‑party data, and organizations may also display targeted content on external websites to more effectively reach and engage potential customers (Islam et al., 2024).

Chatbots. This section reviews the sub‑dimension of chatbots as a component of digital selling maturity. Chatbots are web‑enabled tools designed to provide personalized support to clients by delivering information or answering questions in the absence of a human employee. Within sales contexts, chatbots can assist customers by offering product recommendations based on predefined inputs or by responding to common inquiries (Bongers et al., 2021). As a mechanism for improving salesperson efficiency, chatbots can reduce the burden of routine question‑handling, allowing sellers to focus on higher‑value activities (Singh et al., 2019; Fischer et al., 2022). Additionally, chatbots may support early‑stage selling interactions by initiating contact with prospective clients or guiding them through initial discovery steps (Davenport et al., 2020; Fischer et al., 2022).
Beyond operational efficiency, chatbots also contribute to broader digital transformation efforts by enhancing customer experience and enabling scalable, always‑available engagement. Research shows that well‑designed conversational agents can increase customer satisfaction, reduce response times, and support more seamless transitions between automated and human‑assisted interactions (Huang & Rust, 2021; Luo et al., 2019). In B2B environments, chatbots can also serve as data‑collection mechanisms, capturing customer intent signals and feeding them into CRM or analytics systems to support more informed decision‑making (Marinchak et al., 2018). As organizations advance in digital maturity, the integration of chatbots into sales workflows becomes increasingly strategic, enabling firms to balance automation with personalization while supporting sellers in complex, information‑intensive sales processes.

External Lead Databases. This section reviews the sub‑dimension of external lead databases as a component of digital selling maturity. In addition to leads captured through company websites, organizations frequently rely on external lead databases to expand their reach to prospective buyers. Digital marketers depend on personalized data to target prospects effectively and tailor messaging, yet such data is often incomplete or unavailable within internal systems, prompting firms to supplement their information with external sources (Arndt & Gersten, 2001a). Although organizations attempt to collect and maintain comprehensive information on customers and prospects, these efforts are often insufficient, necessitating the acquisition of externally sourced data (Hipper et al., 2001). When companies choose to purchase external data, they commonly encounter challenges related to navigating numerous data providers and integrating disparate datasets into existing workflows (Arndt & Gersten, 2001b). Voss et al. (2024) emphasize that external leads should be integrated directly into the CRM platform used by sales teams to ensure centralized lead management and consistent reporting.
External lead databases also play a strategic role in enhancing data quality, improving segmentation accuracy, and supporting more sophisticated digital selling practices. High‑quality external data can enrich customer profiles, enable more precise targeting, and strengthen predictive analytics used in lead scoring and prioritization (Järvinen & Taiminen, 2016). In B2B environments, external data sources are particularly valuable for identifying decision‑makers, mapping buying committees, and uncovering firmographic or technographic attributes that internal systems may lack (Paschen et al., 2020). As organizations advance in digital maturity, the integration of external data becomes increasingly important for enabling automation, personalizing outreach, and supporting data‑driven sales strategies. However, successful use of external data requires strong data governance, alignment between marketing and sales, and robust CRM integration to ensure that sellers can act on enriched insights effectively (Herhausen et al., 2020).

Marketing Automation Software. This section reviews the sub‑dimension of marketing automation software as a component of digital selling maturity. Within the project‑based B2B environment, marketing automation platforms represent a core digital selling technology. Stone and Woodcock (2021) describe marketing automation as the use of technology to automate analysis, decision‑making, communication campaigns, and other customer‑related activities that would otherwise require manual effort. Martech (2020) similarly defines marketing automation as software designed to replace repetitive marketing tasks—such as email outreach, social media posting, and website content updates—with the goal of acquiring and nurturing leads through personalized, timely communication. In the project B2B context, marketing automation systems also serve as centralized repositories that aggregate all interactions an organization has with prospects and customers, enabling more coordinated and data‑driven engagement (Voss et al., 2024).
Beyond operational efficiency, marketing automation contributes to strategic sales enablement by improving customer experience, strengthening personalization, and supporting predictive analytics. Research shows that automated, data‑driven communication can increase customer engagement and accelerate movement through the sales funnel when aligned with buyer needs and timing (Järvinen & Taiminen, 2016). In B2B settings, marketing automation enhances coordination between marketing and sales by providing shared insights into buyer behavior and enabling more precise targeting of decision‑makers (Heimbach et al., 2015). Furthermore, as organizations adopt more advanced digital selling practices, marketing automation becomes a foundational capability for orchestrating omnichannel customer journeys and supporting scalable, analytics‑driven growth (Herhausen et al., 2020).

[bookmark: _Toc234499945][bookmark: _Toc234506820][bookmark: _Toc235104642]Sales Process Phase: Presentation of the performance portfolio and consulting
The sales process phase of presentation of the performance portfolio and consulting and implementation has sub-dimensions for the maturity dimensions. This phase consists of a single maturity dimension of digital tools. For the digital tools main dimension there are two dimensions of visualization tools and technical tools. For the visualization tools sub-dimension the items include presentation programs, three-dimensional models (3D), and virtual reality (VR)/mixed reality (MR) tools. For the technical tools sub-dimension the items include computer-aided design (CAD) programs, industry specific tools, and file hosting software/cloud.

Presentation Programs. This section reviews the sub‑dimension of presentation programs as a component of digital selling maturity. Presentation programs refer to software tools used by B2B salespeople to communicate technical and non‑technical information about their products or services. Computer‑based presentation software has become the standard method for delivering business presentations across industries (Thielsch & Perabo, 2012). In their research on presentation programs, Thielsch and Perabo (2012) identified Microsoft PowerPoint as the dominant market leader. Westfall (2019) estimated that approximately 35 million presentations are delivered each day to more than 500 million audience members, underscoring the widespread reliance on presentation software in professional communication.
Beyond their communication function, presentation programs also contribute to broader sales enablement efforts by supporting knowledge transfer, improving message consistency, and reinforcing brand identity. Research shows that well‑designed presentation materials can increase audience comprehension, improve recall, and strengthen persuasive impact in business settings (Alley & Neeley, 2005). In B2B contexts, presentation software is frequently used to align marketing and sales messaging, ensuring that customer‑facing teams communicate value propositions in a coherent and visually compelling manner (Henderson et al., 2018). As digital selling capabilities evolve, presentation programs are increasingly integrated with CRM systems, analytics platforms, and content management tools, enabling salespeople to tailor presentations dynamically based on customer data and engagement insights (Sleep et al., 2020).

3D Views. This section reviews the sub‑dimension of 3D views as a component of digital selling maturity. The term 3D views refer to three‑dimensional digital illustrations that depict a product in detailed and interactive ways to inform customers about its features and functionality (Voss et al., 2024). Pan et al. (2004) describe 3D product renderings as an engaging and informative medium that supports customer decision‑making by enhancing the richness of product information. As digital tools evolve, 3D visualizations have become increasingly common in B2B selling environments, particularly for complex or technical products.
From a presentation standpoint, 3D product views are widely used to enhance the clarity and persuasiveness of product demonstrations. Research on virtual experiences in e‑commerce shows that 3D environments provide users with a more immersive level of interaction, influencing both the psychological and emotional aspects of purchasing decisions (Li et al., 2001). According to Voss et al. (2024), 3D digital models often integrated with VR or CAD systems offer organizations a powerful medium for communicating design intent, identifying potential issues, and supporting alignment during the execution phase of project‑based sales.
Beyond improving product understanding, 3D visualization technologies contribute to more effective collaboration between buyers and sellers by reducing ambiguity, accelerating evaluation cycles, and supporting co‑creation activities. Studies show that interactive 3D models can increase customer confidence, reduce perceived risk, and improve decision quality in complex B2B purchases (Jung & Dieck, 2018). In engineering‑intensive industries such as B2B project-based, 3D visualization tools also facilitate cross‑functional communication by enabling stakeholders to explore product configurations, simulate use scenarios, and validate technical requirements before committing to a solution (Bogers et al., 2016). As organizations advance in digital maturity, the integration of 3D visualization into sales, engineering, and customer experience workflows becomes a strategic capability that enhances both efficiency and customer value.

VR/MR. This section reviews the sub‑dimension of VR and MR as components of digital selling maturity. Although VR and MR are not traditionally associated with B2B sales roles, they have become increasingly relevant in project environments where technical products and services require immersive visualization. Virtual reality refers to a fully simulated digital environment, whereas mixed reality blends real‑world elements with computer‑generated content to create an interactive hybrid experience (Farshid et al., 2018; Fischer et al., 2021). These technologies are now commonly used to support both customer acquisition and project execution in complex B2B settings.
Beyond their value in customer presentations, VR and MR technologies contribute to broader digital transformation efforts by improving collaboration, reducing project risk, and accelerating alignment among stakeholders. Research shows that immersive visualization tools can enhance communication between engineering, sales, and customer teams by enabling shared exploration of product configurations and project scenarios (Portman et al., 2015). In project sectors, VR and MR applications have been shown to reduce errors, improve design validation, and support more efficient project planning (Sacks et al., 2020). As organizations advance in digital maturity, integrating VR and MR into sales and project workflows becomes a strategic capability that enhances both customer experience and operational performance.]
CAD Software. This section reviews the sub‑dimension of CAD software as a component of digital selling maturity. CAD software enables the visual representation and engineering of nearly any physical element, including products, structures, and systems. Early adoption of CAD was driven largely by major manufacturers, and these industries continue to be primary users of the technology (Ye et al., 2004). As B2B decision‑making and implementation needs grow more complex, CAD has become increasingly important in technical consulting. Voss et al. (2024) identify CAD as a critical tool for assessing the technical feasibility of proposed designs in project‑based B2B environments.
Beyond its role in visualization, CAD contributes to broader digital transformation by improving collaboration, reducing design errors, and accelerating project timelines. Research shows that CAD‑enabled workflows enhance cross‑functional communication by providing shared digital models that support iterative design and real-time problem solving (Baxter et al., 2015). In engineering-intensive B2B sectors, CAD also integrates with simulation tools, product lifecycle management (PLM) systems, and digital twins, enabling organizations to evaluate performance, identify risks, and optimize solutions before physical prototypes are produced (Rosen et al., 2015). As organizations advance in digital maturity, CAD becomes a foundational capability that strengthens both technical credibility and customer value during the sales process.

Industry Specific Software. This section reviews the sub‑dimension of industry‑specific software as a component of digital selling maturity. In project‑based industries, Liberatore et al. (2001) found that construction professionals are heavy users of project management software, reflecting the sector’s reliance on specialized digital tools. Industry‑specific software solutions are often developed to support particular types of technical consulting or implementation activities, such as soundproofing analysis, energy calculations, or structural engineering assessments (Voss et al., 2024). These tools enable sales and technical teams to provide more accurate, data‑driven insights during the selling process.
Beyond supporting technical assessments, industry‑specific software contributes to broader digital transformation by improving collaboration, reducing project risk, and enabling more efficient decision‑making. Research shows that domain‑specific digital tools enhance coordination between engineering, sales, and project teams by providing shared data environments and standardized analytical frameworks (Whyte et al., 2016). In complex B2B contexts, such software also supports regulatory compliance, performance simulation, and lifecycle planning, all of which strengthen customer confidence and streamline project execution (Succar & Kassem, 2015). As organizations advance in digital selling maturity, the integration of industry‑specific software becomes a strategic capability that enhances both operational efficiency and customer value.

[bookmark: _Toc234499946][bookmark: _Toc234506821][bookmark: _Toc235104643]Sales Process Phase: Implementation
The sales process phase of implementation has sub-dimensions for the maturity dimensions. This phase consists of a single maturity dimension of digital tools. For the digital tools main dimension there are three sub-dimensions of technical tools, logistic tools, and visualization tools. For the technical tools sub-dimension the items include CAD programs, industry specific tools, and file hosting software/cloud. For the logistic tools sub-dimension items include ERP software, tracking tools, and complaints portals. For the visualization tools sub-dimension items include presentation programs, 3D models viewers, and VR/MR tools.

Configure Price Quote Software. This section reviews the sub‑dimension item of configure–price–quote (CPQ) software as a digital selling maturity dimension. CPQ software refers to digital systems that assist salespeople in determining a final configured product specification, calculating an accurate price, and applying any relevant discounts. Product configuration practices originated in the manufacturing industry, where the goal was to enable customers to participate in the customization of products to meet their specific needs (Sorri et al., 2017). This capability is particularly relevant in the projects sector, which frequently relies on products tailored to unique project requirements.
Product configuration involves both customizing a standard product and combining it with optional components or features. Configurator systems support this process by determining valid combinations of components and ensuring that the resulting configuration can be manufactured efficiently and accurately (Helo, 2006; Jordan et al., 2020). CPQ software accelerates the quoting process, reduces errors, and enhances the overall effectiveness of sales efforts in complex, project‑based environments.
For the sales‑stage dimension of implementation and the sub‑dimension of technical tools, the speed and reliability of the CPQ process are critical for delivering a positive customer implementation experience and reducing the workload placed on B2B salespeople. Project sales frequently require highly customizable products offered at competitive price points, which in turn demands that manufacturers develop flexible production capabilities that still achieve economies of scale (Jordan et al., 2020). In B2B project contexts, competitive bidding is a standard practice, creating a narrow window in which sales teams must determine product or labor requirements and submit a complete, accurate bid.
Jordan et al. (2020) identify that bottlenecks commonly arise during this process, particularly in two areas: the technical expertise required to configure complex products and the speed at which configured costs can be obtained from manufacturers. CPQ systems help alleviate these bottlenecks by accelerating configuration, improving accuracy, and enabling sales teams to respond more quickly and confidently to bid requests.
File hosting software/cloud. This section reviews the sub-dimension of file hosting software and cloud storage as a component of digital selling maturity. File hosting refers to the management and storage of digital assets either on a user’s local infrastructure or through off‑premise data centers. Cloud‑based file management has become the preferred option for most business and enterprise users due to its lower maintenance costs and scalable infrastructure (Puttaswamy et al., 2012). In project-based environments, the need to exchange, store, and collaborate on files is especially common, given the technical nature of project documentation.
Within the project sector, cloud platforms play a critical role in enabling secure and efficient file exchange. Almaatouk et al. (2016) found that cloud computing offers stronger security protections compared to traditional file‑sharing methods, while also accommodating the large file sizes typical of engineering drawings, models, and technical documents—files that are often too large to transmit effectively via email. Voss et al. (2024) highlight that cloud‑based file hosting is particularly valuable for sharing project drawings, CAD models, and other technical assets that support collaboration across sales, engineering, and customer teams.
Beyond basic storage and sharing, cloud‑based file hosting contributes to broader digital transformation by improving collaboration, version control, and workflow integration. Research shows that cloud platforms enhance project coordination by providing centralized access to up‑to‑date documents, reducing errors caused by outdated files, and enabling real‑time collaboration across geographically dispersed teams (Marston et al., 2011). In complex B2B project environments, cloud systems also support compliance, auditability, and lifecycle documentation, ensuring that all stakeholders have consistent access to critical project information (Armbrust et al., 2010). As organizations advance in digital selling maturity, cloud‑based file hosting becomes a foundational capability that strengthens operational efficiency and customer responsiveness.

ERP Software. This section reviews the sub-dimension of enterprise resource planning (ERP) software as a component of digital selling maturity. ERP systems are integrated software platforms that support cross-functional business processes and facilitate the flow of information across internal departments (Davenport, 1998). In their research on ERP systems and sales processes, Patalas‑Maliszewska and Krebs (2014) found that ERP platforms enhance sales operations by integrating multiple stages of the selling journey, including offer preparation, order creation, invoicing, payment processing, complaint handling, and warranty management. Within project‑based B2B sales environments, ERP software is commonly used to manage order processing and track order status throughout manufacturing or distribution workflows (Voss et al., 2024).
Beyond operational integration, ERP systems contribute to broader digital transformation by enhancing analytics, improving decision-making, and supporting scalable growth. Research shows that ERP platforms strengthen organizational performance by enabling real‑time visibility into key business metrics and facilitating data‑driven planning across departments (Hitt et al., 2002). In project‑intensive industries, ERP systems also integrate with complementary technologies such as product lifecycle management (PLM), supply chain management (SCM), and CRM, creating a unified digital ecosystem that improves forecasting, resource allocation, and customer satisfaction (Klaus et al., 2000). As organizations advance in digital selling maturity, ERP systems become foundational to delivering consistent, efficient, and customer‑centric project execution.

Tracking tools. This section will review the sub-dimension item of tracking tools as a digital selling maturity dimension. Modern product tracking tools should identify every stage of the products delivery journey including up to the location information of where the product is, its planned next step, and ultimate planned delivery date (Kärkkäinen, et al., 2003). Kärkkäinen et al, (2003) add that this level of tracking can help the project team understand if a planned delivery has changed in order to coordinate with the project teams while they have an opportunity to adjust.
Since project-based sales transactions are typically contractual, it is common that the contracts identify terms and if there is a breach of contract. In the projects B2B sales it is common that promises of delivery are made which are integrated into purchasing contracts and failure to deliver products as promised may be faced with penalties (Voss, et al., 2024). Many contracts use a sanction referred to as liquidated damages which represents the real or reasonable estimation of loss for the breach of contract (De Geest & Wuyts, 2000). Furthermore, De Geest and Wuyts (2020) add that the intent of liquidated damages is to compensate a contract party for the equivalent losses as a result of the breach, which in the projects sector if a project is delays weeks or months, the lost revenue of the intended projects utility can be astounding. In their research on predicting liquidated damages Alshboul et al., (2022) determined liquidated damages is a significant threat that must be prioritized in the projects-based industry.

Complaints Portals. This section will review the sub-dimension item of complaint portals as a digital selling maturity dimension. Although customer complaints are never an intended outcome of producers, consumer complaints a valuable source of information (Adamu et al., 2016). Adamu et al., (2016) add that a frustrated a customer whose complaints are not acknowledged or acted upon can result in a loss of revenue to the organization. In their research on complaints portals, Afify and Kadry (2019) suggest viewing complaints as opportunities to learn from customers and train employees to improve their customers experiences.
Customer complaints have historically been delivered directly to salespeople in the B2B space, however today web-based complaint portals have become a common alternative. Afify and Kadry (2019) recommend website-based environments balancing both the organizations and complaining parties’ point of view to facilitate a process to effectively respond and react to complaints. In the implementation sales stage of project sales Voss et al., (2024) identify that in this stage is when product defects may be determined, and tools should be developed for simple product returns and replacement.

[bookmark: _Toc234499947][bookmark: _Toc234506822][bookmark: _Toc235104644]Summary
The literature review has examined the broad conceptual foundations of this research. First, B2B selling was reviewed to establish the unique characteristics of project‑based sales contexts. Second, the major types of sales models were defined to contextualize how selling differs amongst the three selling models. Third, the five general categories of digital selling technologies were outlined to illustrate the tools that shape modern sales practices. Finally, the three sales process phases and their associated digital maturity dimensions were described to provide a structured framework for evaluating digital selling capabilities. The next chapter will integrate these elements to address the research questions and develop the study’s conceptual and empirical contributions.
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[bookmark: _Toc234499949][bookmark: _Toc234506824][bookmark: _Toc235104646]Methodology
[bookmark: _Toc234499950][bookmark: _Toc234506825][bookmark: _Toc235104647]Introduction
The purpose of this study is to examine the impact of organizational digital maturity on the sales quota attainment of project‑based B2B salespeople. This research seeks to deepen understanding of digital maturity levels across each stage of the project‑oriented B2B sales process and to assess their predictive influence on salesperson outcomes, specifically the ability to achieve sales targets. This chapter outlines the research design, participants, instrumentation, procedures, and data analysis methods that guide the study.

[bookmark: _Toc234499951][bookmark: _Toc234506826][bookmark: _Toc235104648]Research Design
A quantitative predictive‑correlational design is the most appropriate methodology for this study, given its aim to examine the relationship between digital selling maturity and sales quota attainment. Quantitative research requires a systematic approach to data observation, collection, and analysis (Asenahabi, 2019) and is grounded in theoretical frameworks that support objective evaluation of empirical evidence (Bloomfield & Fisher, 2019). Quantitative methods rely on numerical data—typically collected through surveys or questionnaires (Barnham, 2015)—and are well suited for identifying relationships among variables by analyzing measurable constructs (Landrum & Garza, 2015). Predictive correlational designs, in particular, use one set of variables to determine whether statistically significant relationships exist with one or more additional variables, thereby enabling researchers to assess the extent to which changes in one variable may predict changes in another (Fitzgerald et al., 2004).
Research of digital sales technologies frequently employs quantitative methodologies. In this domain, sales success is inherently defined and evaluated through quantitative measures (Zoltners et al., 2021). Much of the existing scholarship has used correlational‑predictive designs, including Guenzi and Nijssen’s (2021) work on digital transformation and salesperson outcomes, as well as Hunter’s (2019) research on digital selling technologies in business‑to‑business contexts. This methodological alignment further supports the use of a predictive‑correlational approach for the present study.

[bookmark: _Toc234499952][bookmark: _Toc234506827][bookmark: _Toc235104649]Participants
The population for this study consists of project‑based B2B salespeople in the US. To determine the required sample size, a priori power analysis was conducted using G*Power 3.1, a statistical power analysis program (Faul et al., 2009). A priori power analysis is used to estimate the minimum number of participants needed to detect an effect of interest (Bartlett, 2019). The analysis was based on a multiple linear regression model using the F‑test family, with the following inputs: Cohen’s medium effect size of 0.15, statistical power of 0.80, an alpha level of .05, and three predictive variables. The results indicated a minimum required sample size of 41 participants (Appendix A). To account for potential exclusions due to screening criteria or incomplete responses, the target sample size was increased by 20%, resulting in a goal of 50 total responses.
A purposive sampling strategy was employed to ensure that participants met the specific criteria relevant to the research objectives. A self‑selection sampling technique was used, allowing individuals to voluntarily choose to participate (Wilson, 2016). The recruitment solicitation clearly stated the eligibility criteria, and the survey instrument required participants to attest that they met these qualifications.

[bookmark: _Toc234499953][bookmark: _Toc234506828][bookmark: _Toc235104650]Inclusion Criteria
The inclusion criteria for this study included:
1)  18 years or older
2) Reside within the US
3) They must be in a project B2B sales role
4) They must have a sales target or quota

[bookmark: _Toc234499954][bookmark: _Toc234506829][bookmark: _Toc235104651]Exclusion criteria
The exclusion criteria for this study include:
1) Participants with less than two years’ experience in project B2B sales
2) Participants with less than two years’ experience in their current role
3) Participant who is a principal of their business or a senior corporate leader
4) Participant sells to non-business consumers more than 50% of their selling time

[bookmark: _Toc234499955][bookmark: _Toc234506830][bookmark: _Toc235104652]Recruitment
Data was collected using a three‑stage recruitment strategy. Plan A involved recruiting participants from the researcher’s existing network of project‑based B2B salespeople. A survey link (Appendix B) and a summary of the qualification criteria will be shared directly with potential participants. Plan A will be implemented for approximately twelve weeks reposting every four weeks. If an adequate number of responses is not obtained, the study will proceed to Plan B.
Plan B consists of posting the survey link and eligibility criteria in one or more LinkedIn groups targeted toward B2B sales professionals. This phase will be conducted for four to six weeks. If sufficient responses are still not achieved, the study will move to Plan C.
Plan C involves contracting with Qualtrics to identify and recruit participants who meet the inclusion criteria and to distribute the survey accordingly. This final strategy ensures that the required sample size can be reached even if earlier recruitment efforts yield insufficient participants.

[bookmark: _Toc234499956][bookmark: _Toc234506831][bookmark: _Toc235104653]Instrumentation
The instrument used in this study consists of three sections: inclusion criteria, demographic data, and measures of digital maturity dimensions and sales quota attainment. The first seven questions were qualifying questions (Appendix C). The first three items are dichotomous questions designed to verify that participants meet the core eligibility requirements: (a) they are B2B salespeople in the projects sector (b) they have a sales quota (c) they are not the principal or senior corporate leader. Items four through eight are ordinal‑scale questions intended to capture participants’ experience levels and other descriptive characteristics relevant to the study. These items support both the verification of participant suitability and the development of descriptive statistics for the sample.
The second section of the instrument collects demographic information (Appendix D). The first item is measured on an interval scale to capture the participant’s age. The second and third items are nominal‑scale questions identifying the participant’s gender and ethnic group. The fourth item uses an ordinal scale to measure the participant’s highest level of educational attainment. The fifth item is also ordinal and identifies the participant’s industry, providing additional contextual information relevant to the analysis.
The third section of the instrument is the measurement of the independent and the dependent variables (Appendix E). To measure digital maturity dimensions (independent variables), the instrument evaluates three of the phases in the sales processes for B2B project sales, specifically, searching for opportunities and customers, presentation and consultation, and implementation. The digital maturity dimensions are measured by five interval levels of digital maturity ranging from a 1 (initial), 2 (basic digitization), 3 (average digitization), 4 (advanced digitization,), and 5 (digitally oriented). Each statement about the level of digital maturity is expressed in two questions, for a total of 30 questions. Each question is a structured to assess the opinion of the respondent about their organizations digital maturity utilizing a five-point Likert scale. Statements pertaining to average digitization to digitally oriented were scored from (1) strongly disagree, (2) disagree, (3) neutral, (4) agree, (5) strongly agree. Statements pertaining to initial and basic digitization was reserve score from (5) strongly disagree, (4) disagree, (3) neutral, (2) agree, (1) strongly agree. Each of the five digital maturity dimensions within each phase had a minimum score of 2 and a maximum score of 10.  Each phase had a maximum score of 50 and a minimum score of 10. The maximum digital maturity score is 150, while the minimum is 30. For the indicators of initial (questions 1, 6, 11, 16, 21, and 26 ) and basic digitization (questions 2, 7, 12, 17, 22, and 27), the lower the score the higher the digital maturity. For average digitization (questions 3, 8, 13, 18, 23, and 28), advanced digitization (questions 4, 9, 14, 19, 24, and 29), and digitally oriented (questions 5, 10, 15, 20, 25, and 30) levels the higher the score the higher the digital maturity.
The final element of the instrument is the measure of sales quota attainment, which is the independent variable. To measure sales performance, salespeople were asked to identify their personal performance in the prior-year’s sales target/quota (question 31). Sales quota attainment was be measured in an interval scales question. The participants were asked to identify what percent below they were from achieving their prior-year sales quote, if they achieved their sales quota, or what percentage above the quota they achieved.

[bookmark: _Toc234499957][bookmark: _Toc234506832][bookmark: _Toc235104654]Data Collection/Procedure
Approval for this study was obtained from Marywood University’s Institutional Review Board (IRB) prior to data collection (Appendix F). The survey instrument was be administered online using the QualtricsXM platform. The researcher distributed the survey link through a recruitment post on a personal LinkedIn page (Appendix B). The solicitation clearly stated the eligibility criteria and the academic purpose of the study.
Participants who choose to access the survey link were first be directed to an informed consent form (Appendix G), which reiterates the qualification criteria, describes the purpose of the study, and explains the protections in place for participant confidentiality. The consent form specifies that no personally identifying information was collected and that all responses will remain anonymous.
The LinkedIn recruitment post was published and reposted every two to three weeks during the data‑collection period. All collected data was be stored on the researcher’s primary laptop and backed up on a secure cloud drive. Data will be retained for 24 months and then permanently destroyed. Statistical analyses were conducted using Statistical Packet for Social Services (SPSS) version 29.
[bookmark: _Toc234499958][bookmark: _Toc234506833][bookmark: _Toc235104655]Data Analysis
The data was be extracted from Qualtrics XM as a data table. SPSS was used to for data analysis. The data was imported to SPSS. The data was evaluated for any participants who meet the exclusion criteria, and any exclusions were eliminated. SPSS was used to investigate the following research questions.

[bookmark: _Toc234499959][bookmark: _Toc234506834][bookmark: _Toc235104656]Sub Problems
1) What is the digital maturity level by project B2B salespeople in the sales phase of searching for project opportunities and customers? This was analyzed utilizing frequency distribution and other descriptive statistics.
2) What is the digital maturity level by project B2B salespeople in the sales phase of presentation and consulting? This was analyzed utilizing frequency distribution.
3) What is the digital maturity level by project B2B salespeople in the sales phase of implementation? This was analyzed utilizing frequency distribution and other descriptive statistics.
4) What is the level of sales quota attainment by project B2B salespeople? This was analyzed utilizing frequency distribution and other descriptive statistics.
5) What relationship exists between the digital maturity levels by project B2B salespeople in the sales phases of searching for project and opportunities and customers, presentation and consulting, and implementation in their level of sales quota attainment? This was analyzed multiple linear regression.
To measure if and to what extent a relationship exists amongst the independent variables in instrument questions 1-30 which measure levels of digital maturity, they will be compared against the dependent variable of sales quota attainment which is instrument question 31. A Pearson r correlation coefficient will be utilized to measure the relationship between the independent variables against the dependent variable. A multiple regression analysis will be used to aggregate each of the independent variables to identify if a statistically significant correlation exists.

[bookmark: _Toc234499960][bookmark: _Toc234506835][bookmark: _Toc235104657]Supplemental Analysis
A frequency distribution and other descriptive statistics will be utilized to address instrument questions 4-16 which represent:
4) Years in current role
5) Years in B2B sales
7) Organizational size
12) Industry
13) Age
14) Gender
15) Educational Level
16) Ethnic Group
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This chapter presents the results of the research conducted to assess the levels of digital maturity among project‑based B2B sales representatives. Data were collected during 2/3/26-5/11/26 utilizing plan A, yielding a total of 74 responses. Using SPSS, the primary and secondary research questions were analyzed through frequency distributions and descriptive statistical procedures.

[bookmark: _Toc234499964][bookmark: _Toc234506839][bookmark: _Toc235104661]Data Screening and Preparation
The dataset was downloaded from QualtricsXM and imported into SPSS. Data preparation followed a structured, multi‑step process:
1. Initial Review and Removal of Non‑Relevant Variables:
The raw dataset was examined, and non‑relevant system‑generated columns were removed.
2. Participant inclusion and exclusion criteria were applied to ensure that the final sample reflected project‑based B2B salespeople who met the study’s requirements. A total of 74 individuals initiated the survey. After applying the screening criteria, 56 participants were included in the final dataset, while 18 were excluded for not meeting eligibility requirements. Figure 3 presents the overall inclusion and exclusion counts.
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Survey Participant Screening Prisma Chart
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3. Variable Labeling and Dataset Structuring:
Remaining non‑relevant columns were deleted, and variable names were updated to reflect the corresponding question numbers and constructs.
4. Handling Missing Data:
Missing values were addressed using SPSS’s Missing Values function to ensure consistency across variables.
5. Reverse Scoring: Items requiring reverse scoring were recoded. These included
Questions 1, 2, 6, 7, 11, 12, 16, 17, 21, 22, 26 and 27.
6. Computation of Predictor Variables:
Composite scores for each predictor variable were generated by calculating the mean of the items associated with each digital maturity dimension.

[bookmark: _Toc234499965][bookmark: _Toc234506840][bookmark: _Toc235104662]Reliability Analysis
Internal consistency reliability was assessed for each of the three digital maturity phases using both McDonald’s Omega (ω) and Cronbach’s Alpha (α). Omega provides a model-based estimate of scale coherence under a unidimensional assumption, while alpha reflects the average inter item covariance. Both indices were computed using the Unidimensional Reliability procedure in Jeffreys’s Amazing Statistics Program (JASP) V0.18.30.

[bookmark: _Toc234499966][bookmark: _Toc234506841][bookmark: _Toc235104663]Sales Phase of Searching for Project Opportunities and Customers
The Searching for Project Opportunities and Customers scale demonstrated showed moderate internal consistency. McDonald’s Omega ω was .61 and Cronbach’s Alpha α was .72. The confidence intervals for both statistics suggested some variability in how well the items measured the same underlying construct. Overall, the scale was reliable enough for use in this study, but the modest reliability means that results involving this dimension should be interpreted with some caution, as measurement error may have reduced the strength of any observed relationships with salesperson performance.

[bookmark: _Toc234499967][bookmark: _Toc234506842][bookmark: _Toc235104664]Sales Phase of Presentation and Consulting
The reliability analysis for the Presentation and Consulting scale showed strong internal consistency. McDonald’s ω was .84 and Cronbach’s α was .81, indicating that the items aligned well in measuring the same underlying construct. The confidence intervals for both reliability estimates were relatively narrow, suggesting stable measurement across respondents. These results demonstrate that the scale is highly reliable and suitable for use in this study, providing confidence that the items consistently captured digital maturity within the presentation and consulting stage of the sales process.

[bookmark: _Toc234499968][bookmark: _Toc234506843][bookmark: _Toc235104665]Sales Phase of Implementation
The reliability analysis for the Implementation scale showed strong internal consistency. McDonald’s ω was .82 and Cronbach’s α was .83, indicating that the items measured the construct in a consistent and dependable way. The confidence intervals for both estimates were relatively tight, suggesting stable reliability across respondents. Although one item, question 21 demonstrated a negative correlation with the overall scale, the remaining items contributed to a solid reliability profile. Overall, these results show that the implementation scale is highly reliable and appropriate for use in this study, providing confidence that it effectively captures digital maturity within the implementation stage of the sales process.
[bookmark: _Toc234499969][bookmark: _Toc234506844][bookmark: _Toc235104666]Demographic Information
The sample was overwhelmingly male with 87.50% participants compared to 10.71% female. The ethnic group also was overwhelmingly white at 89.83%. Most participants had either some college (43.28%) or a bachelor’s or master’s degree (56.71%). Finally, manufacturing represented the largest industry at 60.00%, followed by consulting/business service or software which was 13.33%.
Participants had a mean level of experience in B2B sales of 15.69 years (SD = 11.79). The individuals had a mean in their roles of 11.52 years (SD = 9.49). Participants indicated overwhelmingly to be selling to business customers at 92.30% (SD = 13.35). Participants belonged to organizations in a wide range of size from 19 individuals to 100,000, with the mean 13,695 (SD = 24,744). Finally, participants ranged in age from 22 to 70, with the mean age being 43.95 (SD = 13.60).

[bookmark: _Toc234472597][bookmark: _Toc234473195][bookmark: _Toc234473210][bookmark: _Toc234473771][bookmark: _Toc234499970][bookmark: _Toc234506845][bookmark: _Toc235104667]Sub Problem 1 – Sales Phase of Searching for Project Opportunities and Customers
What is the digital maturity level by project B2B salespeople in the sales phase of searching for project opportunities and customers. This was analyzed utilizing frequency distribution and descriptive statistics (Table 1). The mean digital maturity level was 3.56(SD=.94), while the median was 4 (range=1–5). The digital maturity scale from Voss et al. (2024) would identify this level of digital maturity between average digitization and advanced digitization. The three highest questions that participants agreed with were: Question 3, (75.00%); Question 7, (75.00%), and Question 4, (75.00%). The questions participants most disagreed with were Question 1, (46.43%); Question 9, (30.36%); Question 4, (23.22%).


[bookmark: _Toc235093635][bookmark: _Toc235093722]Table 1 
Digital Maturity of the Sales Phase of Searching for Project Opportunities and Customer
	Q
	StrD
	D
	N
	A
	StrA
	M
	SD

	Q.1 
	2
3.57%
	24
42.86%
	0
	24
42.86%
	6
10.71%
	3.14
	1.19

	Q.2
	3
5.36%
	8
14.29%
	4
7.14%
	38
67.87%
	3
5.36%
	3.54
	0.99

	Q.3
	1
1.79%
	8
14.28%
	5
8.92%
	35
62.50%
	7
12.50%
	3.70
	0.93

	Q.4
	8
14.29%
	5
8.93%
	1
1.79%
	34
60.71%
	8
14.29%
	3.76
	0.87

	Q.5 
	1
1.79%
	11
19.64%
	5 
8.93%
	35 
62.50%
	4
 7.14%
	3.54
	0.95

	Q.6 
	9
16.07%
	2
3.57%
	38
67.86%
	7
12.50%
	7
12.50%
	3.77
	0.87

	Q.7 
	0
	6
10.71%
	8
14.29%
	40
71.43%
	2
3.57%
	3.68
	0.72

	Q.8
	3
5.36%
	3
5.36%
	8
14.29%
	37
66.07%
	5
8.93%
	3.68
	0.92

	Q.9
	5
8.93%
	12
21.43%
	8
14.29%
	29
51.79%
	2
3.57%
	3.20
	1.10

	Q.10
	2
3.57%
	5 
8.93%
	10
17.86%
	36
64.29%
	3
5.36%
	3.59
	0.87


Note. Q= Question; StrD = Strongly Disagree; D = Somewhat Disagree; N = Neutral; A = Somewhat Agree; StrA = Strongly Agree; M = Mean; SD = Standard Deviation


[bookmark: _Toc234499971][bookmark: _Toc234506846][bookmark: _Toc235104668]Sub Problem 2 – Sales Phase of Presentation and Consulting
What is the digital maturity level by project B2B salespeople in the sales phase of presentation and consulting? The data were examined using summary statistical techniques (Table 2). The mean digital maturity level was 3.42 (SD = 1.06), while the median was 4 (range = 1–5). The digital maturity scale from Voss et al. (2024) would identify this level of digital maturity between average digitization and advanced digitization. The three highest questions the participants agreed with were: Question 11 (94.64%); Question 18 (77.86%); Question 13 (73.21%). The questions participants most disagreed with were Questions 15 and Question 17 (35.72%); Question 16 (33.93%).


[bookmark: _Toc235093636][bookmark: _Toc235093723]Table 2 
Digital maturity level by project B2B salespeople in the sales phase of presentation and consulting.
	Q
	StrD
	D
	N
	A
	StrA
	M
	SD

	Q.11
	1
1.79%
	1
1.79%
	1
1.79%
	40
71.43%
	13
23.21%
	4.12
	0.69

	Q.12 
	1
1.79%
	5
8.93%
	8
14.29%
	39
69.64%
	3
5.36%
	3.68
	0.79

	Q.13
	1
1.79%
	6 10.71%
	8
14.29%
	37
66.07%
	4
7.14%
	3.66
	0.84

	Q.14.
	7
12.50%
	8
14.29%
	6
10.71%
	31
54.36%
	4
7.14%
	3.30
	1.19

	Q.15
	8
14.29%
	12
21.43%
	15
26.79%
	16
28.57%
	5
8.93%
	2.96
	1.20

	Q.16
	8
14.29%
	11
19.64%
	10
17.86%
	19
33.93%
	8
14.29%
	3.15
	1.29

	Q.17
	8
14.28%
	12
21.43%
	13
23.21%
	18
32.14%
	5
8.93%
	3.00
	1.22

	Q.18
	1
1.79%
	10
17.86%
	7
12.50%
	24
42.86%
	14
25.00%
	3.70
	1.09

	Q.19
	6
10.71%
	15
26.79%
	11
19.64%
	18
32.14%
	6
10.71%
	3.05
	1.21

	Q.20
	3
5.36%
	6
10.71%
	10
17.86%
	29
51.79%
	8
14.29%
	3.57
	1.04


Note. Q= Question; StrD = Strongly Disagree; D = Somewhat Disagree; N = Neutral; A = Somewhat Agree; StrA = Strongly Agree; M = Mean; SD = Standard Deviation
[bookmark: _Toc234499972][bookmark: _Toc234506847][bookmark: _Toc235104669]Sub Problem 3 – Sales Phase of Implementation
What is the digital maturity level by project B2B salespeople in the sales phase of implementation? The data was analyzed utilizing frequency distribution and descriptive statistics (Table 3). The mean digital maturity level was 3.40 (SD = 1.01), while the median was 4 (range = 1–5). The digital maturity scale from (Voss et al., 2024) would identify this level of digital maturity between average digitization and advanced digitization. The top three highest questions participants agreed with were Question 27, (69.64%); Question 23, (67.07%); Question 26, (66.07%). The questions participants most disagreed with were Question 30, (30.36%); Question 29, (26.78%); Question 21, (25.00%).
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Table 3 
Digital maturity level by project B2B salespeople in the sales phase of implementation
	Q
	StrD
	D
	N
	A
	StrA
	M
	SD

	Q.21
	4
7.14%
	10
17.86%
	14
25.00%
	21
37.50%
	7
12.50%
	3.31
	1.12

	Q.22
	1
1.79%
	10
17.86%
	13
23.21%
	27
48.21%
	5
8.93%
	3.46
	0.95

	Q.23
	2
3.57%
	5
8.93%
	12
21.43%
	33
59.93%
	4
7.14%
	3.54
	0.89

	Q.24
	2
3.57%
	7
12.50%
	15
26.8%
	28
50.00%
	4
7.14%
	3.46
	0.93

	Q.25
	3
5.57%
	5
8.93%
	15
26.79%
	29
51.79%
	4
7.14%
	3.48
	0.95

	Q.26 
	3
5.36%
	5
8.93%
	11
19.64%
	32
57.14%
	5
8.93%
	3.53
	0.97

	Q.27 
	4
7.14%
	4
7.14%
	9
16.07%
	33
58.93%
	6
10.71%
	3.57
	1.02

	Q.28
	2
3.57%
	10
17.86%
	11
19.64%
	30
53.57%
	3
5.36%
	3.40
	0.96

	Q.29
	6
10.71%
	9
16.07%
	12
21.43%
	26
46.43%
	3
5.36%
	3.20
	1.12

	Q.30
	10
17.86%
	7
12.50%
	12
21.43%
	24
42.86%
	3
5.36%
	3.06
	1.23


Note. Q= Question; StrD = Strongly Disagree; D = Somewhat Disagree; N = Neutral; A = Somewhat Agree; StrA = Strongly Agree; M = Mean; SD = Standard Deviation


[bookmark: _Toc234499973][bookmark: _Toc234506848][bookmark: _Toc235104670]Sub Problem 4 – Sales Quota Attainment by B2B Salespeople
What is the level of sales quota attainment by project B2B salespeople? Frequency statistics were computed to summarize participants' responses and characterize the distribution (Table 4). Sales quota attainment was captured as a percentage. The minimum level of quota attainment was 80% and the highest level was 154.50%. The mean level of quota attainment was 107.83% (SD = 1.95). The median level of sales quota attainment was 117.25%, with a range of 80 to 154.50%.
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Table 4 
Frequency Statistics of Sales Quota Attainment
	Quota
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	80
	1
	1.79%
	1.79%
	1.79%

	88
	1
	1.79%
	1.79%
	3.57%

	90
	1
	1.79%
	1.79%
	5.36%

	95
	4
	7.14%
	7.14%
	12.50%

	97
	2
	3.57%
	3.57%
	16.07%

	98
	1
	1.79%
	1.79%
	17.86%

	100
	12
	21.43%
	21.43%
	39.29%

	101
	1
	1.79%
	1.79%
	41.07%

	102
	1
	1.79%
	1.79%
	42.86%

	103
	2
	3.57%
	3.57%
	46.43%

	105
	7
	12.50%
	12.50%
	58.93%

	106
	1
	1.79%
	1.79%
	60.71%

	108
	1
	1.79%
	1.79%
	62.50%

	110
	5
	8.93%
	8.93%
	71.43%

	110.89
	3
	5.36%
	5.36%
	76.79%

	112
	1
	1.79%
	1.79%
	78.57%

	113
	1
	1.79%
	1.79%
	80.36%

	115
	1
	1.79%
	1.79%
	82.14%

	118
	1
	1.79%
	1.79%
	83.93%

	120
	2
	3.57%
	3.57%
	87.50%

	123
	1
	1.79%
	1.79%
	89.29%

	125
	1
	1.79%
	1.79%
	91.07%

	130
	1
	1.79%
	1.79%
	92.86%

	133
	1
	1.79%
	1.79%
	94.64%

	150
	1
	1.79%
	1.79%
	96.43%

	154.5
	2
	3.57%
	3.57%
	100.00%

	Total
	56
	100
	100
	 



[bookmark: _Toc234499974][bookmark: _Toc234506849][bookmark: _Toc235104671]Sub Problem 5 – Digital Selling Maturity and Sales Quota Attainment
What relationship exists between the digital maturity levels by project B2B salespeople in the sales phases of searching for project and opportunities and customers, presentation and consulting, and implementation in their level of sales quota attainment was examined using multiple linear regression.
Assumption testing was conducted to ensure the data meets the requirements for multiple linear regression analysis. Residuals were evaluated visually via a histogram which compared the frequency and regression standardized residual, less than 5% of cases have standardized residuals above +-1.96, which are within acceptable ranges (Appendix H). Linearity and homoscedasticity were evaluated by visual inspection of the standardized residual versus predicted value which shows random distribution with no observable systematic pattern (Appendix I). Normality of residuals was confirmed through a histogram and normal P-Plot which indicated standardized residuals centered near the expected line Multicollinearity was evaluated by a collinearity diagnostic which showed acceptable indices and variable proportions (Appendix J). Independence of errors was supported by Durbin-Watson statistic of 1.598 which falls within acceptable range. Although some cases exhibit elevated leverage of influence values, none surpassed conventional thresholds, and all cases were retained. Examination of collinearity reveals no evidence of multicollinearity, with all VIF values close to 1 (Appendix K).
The dataset was evaluated for multivariate outliers to evaluate if any outliers should be eliminated. The dependent variable of digital maturity was captured as an actual percentage of quota attainment which created the opportunity for significant outliers. The dependent variable was winsorized at the 95th percentile (154.50) to reduce the influence of extreme values. Original values were retained, and a new variable was created with the winsorized values. The only variable winsorized was the dependent variable because of a limited quantity of extreme values which occurred exclusively in the outcome measure. Winsorizing the dependent variable provided a statistically recognized method to normalize the distributional distortion without impacting the meaning of the independent variables. Although robust regression was considered to run as a supplemental analysis, winsorizing offered a clearer method of controlling the effect of extreme variables.
Two cases exceeded this cutoff and were set to 154.50; the original variable was preserved in the dataset. After creating the winsorized value, all scores analyses were run on both the original and winsorized variables and resulted were compared in both sub problem 4 and sub problem 5.
The mahalanobis distance was analyzed utilizing the linear relationship function. The individual probability of each case mahalanobis by utilizing the chi-distribution function. Each case was evaluated utilizing a conservative criterion of p <.001 criterion, and no cases were deemed to be multivariate outliers, with the nearest value to the cutoff being a Mahalanobis distance of 13.85 (Appendix L).
A one-way ANOVA conducted to determine the overall significance of the multiple regression model which examines the effect of the predictor variable of digital maturity to the dependent variable of sales quota attainment. The analysis concluded that the regression model did not reach a level of statistical significance (Table 5) with F(3,52)=.88, p=.46. The p of .46 is well above the statistically significant threshold of 0.5, therefore there is no statistical relationship between the predictor variables of digital maturity and the dependent variable of sales quota attainment. This result suggests that digital maturity, as operationalized in this study, is not sufficiently mature or cohesive to function as a predictor of individual sales quota attainment. This finding is consistent with prior research, which has shown that digital maturity primarily influences organizational‑level outcomes rather than individual sales quota attainment. The lack of significance is therefore theoretically coherent and highlights the need for further refinement of digital maturity constructs before they can be applied to salesperson‑level performance prediction.
The results of this study supported the null hypothesis (H₀), which stated that digital maturity in the sales processes of searching for customers and opportunities, presentation and consulting, and implementation does not predict sales quota attainment among project‑based B2B salespeople in the United States. In each of the tested models, the digital maturity dimensions failed to demonstrate statistically significant predictive power, indicating that variations in digital maturity across these sales stages were not associated with differences in prior‑year quota attainment.
[bookmark: _Toc235093639][bookmark: _Toc235093726]Table 5 
Regression Analysis Summary
	Statistic
	Value

	R² Change
	0.05

	F Change
	0.88

	df₁
	3

	df₂
	52

	p (F Change)
	0.46

	Durbin–Watson
	1.93


Note. Predictors: V1Mean, V2Mean, V3Mean. Dependent variable: Sales Quota.
[bookmark: _Toc235093640][bookmark: _Toc235093727]Table 6 
Regression Analysis ANOVA
	Source
	SS
	df
	MS
	F
	P

	Regression
	567.74
	3
	189.25
	0.88
	.46b

	Residual
	11161.2
	52
	214.64
	 
	 

	Total
	11728.94
	55
	 
	 
	 


Note. Dependent variable: Sales Quota. Predictors: V1Mean, V2Mean, V3Mean.

[bookmark: _Toc234499975][bookmark: _Toc234506850][bookmark: _Toc235104672]Supplemental Analysis
The supplemental analyses determined whether demographic, experiential, and organizational characteristics predicted sales quota attainment. The predictors of gender and ethnic group were omitted due to their lack of disparity. Educational level was consolidated into two groups of High School/Some College and College Degree and above. 

[bookmark: _Toc234499976][bookmark: _Toc234506851][bookmark: _Toc235104673]Current Years
A stem‑and‑leaf plot of years in current role showed no visually isolated outliers (Figure 4). However, percentile analysis indicated that two cases exceeded the 95th percentile, making them disproportionately influential despite not appearing extreme in the stem‑and‑leaf display. To reduce their impact while retaining the cases, the variable was winsorized by replacing values above the 95th percentile with the percentile cutoff. For the regression analysis, a new variable was created replacing the two outliers with the winsorized value of 33.30 (Appendix M and N).
[bookmark: _Toc235093990][bookmark: _Toc235094033][bookmark: _Toc235093904]Figure 4 
Years in Current Role Boxplot

[bookmark: _Toc234499977][bookmark: _Toc234506852][bookmark: _Toc235104674]Years in B2B Sales
A stem‑and‑leaf plot of Years in B2B Sales revealed two extreme values at or above 49 years, which were substantially higher than the rest of the distribution (Figure 5). These cases exceeded the 95th percentile and exerted disproportionate influence on the regression model. To reduce their impact while retaining the cases, the variable was winsorized by replacing values above the 95th percentile with the percentile cutoff. For regression analysis a new variable was created replacing the two outliers with the windsorized value of 41.35 (Appendix M and N).


[bookmark: _Toc235093991][bookmark: _Toc235094034][bookmark: _Toc235093905]Figure 5 
Years in B2B Sales Boxplot

[bookmark: _Toc234499978][bookmark: _Toc234506853][bookmark: _Toc235104675]Company Size
A stem‑and‑leaf plot of organizational size revealed a cluster of extreme values, which were substantially larger than the rest of the distribution (Figure 6). These cases exceeded the 95th percentile and exerted disproportionate influence on the regression model. To reduce their impact while retaining the cases, the variable was winsorized by replacing values above the 95th percentile with the percentile cutoff. For the regression analysis, a new variable was created replacing the two outliers with the windsorized value of 65,750 (Appendix M and N).


[bookmark: _Toc235094035][bookmark: _Toc235093906][bookmark: _Toc235093992]Figure 6 
Company Size Boxplot

Assumption testing was conducted to ensure the data meets the requirements for multiple linear regression analysis. Residuals were evaluated visually via a histogram which compared the frequency and regression standardized residual, less than 5% of cases have standardized residuals above +-1.96, which are within acceptable ranges. Linearity and homoscedasticity were evaluated by visual inspection of the standardized residual versus predicted value which shows random distribution with no observable systematic pattern. Normality of residuals was confirmed through a histogram and normal P-Plot which indicated standardized residuals centered near the expected line Multicollinearity was evaluated by a collinearity diagnostic which showed acceptable indices and variable proportions. Independence of errors was supported by Durbin-Watson statistic of 1.86 (Table 7) which falls within acceptable range Although some cases exhibit elevated leverage of influence values, none surpassed conventional thresholds, and all cases were retained. Age, years of experience and years in current role increased the risk of multicollinearity, however the VIF was within acceptable limits (Appendix O).
[bookmark: _Toc235093641][bookmark: _Toc235093728]Table 7 
Regression Analysis Summary
	R
	R²
	Adjusted R²
	Std. Error of Estimate
	Durbin–Watson

	0.35
	0.12
	0.01
	14.52
	1.86


Note. Predictors: Employees, B2C Selling %, Age, Education, Total Experience. Dependent variable: Sales Quota.

The supplementary regression analysis conducted to examine whether demographic and background variables predicted the sales quota variable. The supplementary regression model examining demographic and background variables was not statistically significant, F(6, 49)=1.11, p =.37 (Table 8) indicating that age, education, total experience, organizational size, and percentage of B2C selling did not collectively explain meaningful variance in sales quota attainment. This suggests that demographic characteristics are not meaningful predictors of salesperson performance in project-based B2B environments. This finding is consistent with prior research showing that demographic variables have weak and inconsistent relationships with sales outcomes (Churchill et al., 1985; Verbeke et al., 2011). The lack of significance is therefore theoretically coherent and highlights that performance is likely driven by behavioral, organizational, or situational factors rather than demographic attributes.


[bookmark: _Toc235093642][bookmark: _Toc235093729]Table 8 
Regression Analysis Summary
	Source
	SS
	df
	MS
	F
	p

	Regression
	1402.97
	6
	233.83
	1.11
	0.37

	Residual
	10,325.97
	49
	210.73
	 
	 

	Total
	11,728.94
	55
	 
	 
	 


Note. Dependent variable: Sales Quota.
However, within the model, years in the current role emerged as a statistically significant predictor. The unstandardized coefficient for this variable was B = 0.80 (p = .03), meaning that each additional year in the respondent’s current role was associated with an estimated 0.8‑point increase in sales quota, after controlling for all other variables in the model. The standardized coefficient (Beta = .50) was the largest among all predictors, indicating that years in the current role had the strongest relative effect on sales quota attainment when all predictors were considered together.
All other predictors were non‑significant:
· Years in B2B sales: B=.03, p=.94
· Age: B=–0.22, p=.51
· Percentage of time selling to non‑business customers: B=0.12, p =.47
· Organizational size: B ≈ 0.00, p =.47
· Education level: B = 2.82, p =.51
These results indicate that none of the demographic or background variables other than years in the current role made a unique contribution to predicting sales quota attainment once all predictors were included in the model. The findings reinforce the conclusion that role-specific tenure, rather than general sales experience, demographic characteristics, or organizational context, is the primary factor associated with sales quota attainment in this dataset.
A simple linear regression was conducted due to the statistically insignificant model of the multiple regression including the all-predictor variables. Assumption testing was conducted to ensure the data meets the requirements for multiple linear regression analysis. Residuals were evaluated visually via a histogram which compared the frequency and regression standardized residual, less than 5% of cases have standardized residuals above +-1.96, which are within acceptable ranges (Appendix Q). Linearity and homoscedasticity were evaluated by visual inspection of the standardized residual versus predicted value which shows random distribution with no observable systematic pattern (Appendix R). With a single predictive variable multicollinearity was not evaluated. Independence of errors was supported by Durbin-Watson statistic of 1.81 (Table 9) which falls within acceptable range. Although some cases exhibit elevated leverage of influence values, none surpassed conventional thresholds, and all cases were retained. Age, years of experience and years in current role increased the risk of multicollinearity, however the VIF was within acceptable limits (Appendix P).
The simple linear regression examined whether the years in the current role predicted sales quota attainment. The overall model was statistically significant, F(1,54)=5.47, p=.02 (Table 10), indicating that years in the current role explained a meaningful portion of variance in sales quota performance. Years in the current role was a significant positive predictor, B=0.48, SE=0.20, t =2.34, p =.02, with a moderate standardized effect (β =.30) (Appendix P). The results suggest that individuals with longer tenure in their current role tend to achieve slightly higher sales quota outcomes. Although the effect size is modest, a reliable and theoretically coherent contributor to salesperson performance. The results indicate that role‑specific experience contributes to improved sales quota attainment. This suggests that sellers who have been in their current role longer benefit from increased familiarity with accounts, internal processes, product complexity, and organizational expectations. Even a small effect is meaningful in project-based B2B environments, where performance is shaped by numerous interacting factors. This finding is consistent with prior research showing that experience has a positive, though typically modest, relationship with sales effectiveness (Churchill et al., 1985; Verbeke et al., 2011). The importance of this result lies in its practical implications: organizations can influence role‑specific experience through retention strategies, onboarding quality, and support for early‑tenure sellers. Thus, while the effect is not large, it represents a meaningful and actionable lever that leaders can intentionally shape to strengthen salesperson performance over time.

[bookmark: _Toc235093643][bookmark: _Toc235093730]Table 9 
Regression Analysis Summary
	R² Change
	F Change
	df₁
	df₂
	p
	Durbin–Watson

	0.09
	5.47
	1
	54
	0.02
	1.81


Note. Predictor: Current Experience. Dependent variable: Sales Quota.


[bookmark: _Toc235093644][bookmark: _Toc235093731]Table 10 
Regression Analysis ANOVA
	Source
	SS
	df
	MS
	F
	P

	Regression
	1078.56
	1
	1078.56
	5.47
	.02

	Residual
	10,650.38
	54
	197.23
	
	

	Total
	11,728.94
	55
	
	
	


Note. Predictor: Current Experience. Dependent variable: Sales Quota.
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[bookmark: _Toc234499981][bookmark: _Toc234506856][bookmark: _Toc235104678]Introduction
The purpose of this quantitative study was to examine whether digital maturity predicts sales quota attainment in B2B projects sales professionals. Using survey data from 56 respondents, the study used descriptive statistics and two regression models. It was hypothesized that digital maturity scores as created by Voss et al. (2024) would have predictive correlation with sales quota attainment. The study did not find any significance difference between the levels of digital maturity and the level of sales quota attainment. However, in the supplemental analysis there was a significant variable with the amount of experience in the sales persons current role and their level of sales quota attainment. The chapter summarizes the findings, discusses practical implications, identifies limitations, offers recommendations for further research, and end with a conclusion.

[bookmark: _Toc234499982][bookmark: _Toc234506857][bookmark: _Toc235104679]Discussion
The results of this study support prior research on sales performance and digital maturity. The conclusion of this research supports earlier findings which demonstrate that role-specific experience is a meaningful predictor of sales quota attainment (Singh et al., 2019). Additionally, contemporary research finds that B2B sales organizations remain in a transitional stage in digital maturity, in particular early-stage opportunity digital maturity are not yet fully optimized (Voss et al., 2024; Hartmann et al., 2018).

[bookmark: _Toc234499983][bookmark: _Toc234506858][bookmark: _Toc235104680]Sub Problem 1 – Sales Phase of Searching for Project Opportunities and Customers
The findings suggest that participants perceive their digital maturity during the early sales phase as moderately developed, falling between average and advanced digitization. Respondents generally believe that their organizations have adopted some digital tools, but not to the point of full integration or automation. Their responses indicate a sales environment where digital processes exist but still rely on manual effort and personal interactions. The results from the data align with the broader conclusion that digital maturity in the opportunity search phase is in progress but not yet optimized, reflecting a transitional stage rather than a fully digitalized sales ecosystem (Voss et al., 2024).
Participants’ opinions about specific items reinforce this interpretation. The strongest agreement centered on the belief that marketing‑generated leads often require substantial manual intervention (75.00%) and that lead qualification still depends heavily on personal interactions (75.00%). These views suggest that salespeople do not yet experience digital tools as reliable or fully effective in early‑stage prospecting. Which is supported by Voss et al. (2024) who found that salespeople report limited trust in early-sales stage digital tools and Sing et al. (2019) concluded that digital tools are nor reliable for early-stage prospecting.
At the same time, respondents disagreed with statements suggesting complete digital alignment between marketing and sales or fully digital lead processes, indicating that they do not perceive their organizations as digitally mature in these areas. Which is supported by Voss et al. (2024) who found that sales and marketing digital alignment is rare and Hartmann et al., (2018) concluded digital sales and marketing alignment is fragmented. The pattern of agreement and disagreement shows that salespeople recognize the presence of digital tools but do not view them as sufficiently integrated, automated, or adequate to replace traditional relationship‑driven methods. The conclusion is supported by Hartmann et al. (2018) who argued that digitization in B2B is fragmented and until digital processes are fully integrated into their sales process, thus sellers continue to rely more heavily on traditional processes and personal relationships to sell.
Given these findings, organizations may wish to consider strengthening the alignment, automation, and reliability of their digital sales and marketing tools rather than assuming that the mere presence of technology will drive performance improvements. The responses suggests that salespeople are aware and may be utilizing available sales technology, but are not indicating the tools replace traditional, relationship‑driven methods. To address this gap, firms should invest in improving aligning sales and marketing tools and refining digital lead‑generation processes so that they produce consistent, high‑value opportunities. By focusing on integration, usability, and cross‑functional alignment, companies can move from partial digital adoption toward a more mature, effective, and trusted digital sales ecosystem.

[bookmark: _Toc234499984][bookmark: _Toc234506859][bookmark: _Toc235104681]Sub Problem 2 – Sales Phase of Presentation and Consulting
Participants’ responses suggest that digital maturity in the presentation and consulting phase is perceived as moderate, falling between average and advanced digitization. With a median score of 4, respondents generally believe that some digital tools are available, but traditional, non-digital methods are still meaningful in how they present and consult with customers. The strongest agreement centered on the continued reliance on in‑person demonstrations (94.64%), having product information such as energy consumption and C02 production (77.86%), and that PowerPoint‑based presentations are still common (73.21%).  These opinions indicate that while digital tools exist, salespeople do not view them as replacing established interpersonal practices. At the same time, the lowest‑rated items—such as the ability to exchange or adapt 3D models and maintain historical project data—show that respondents do not perceive their organizations as digitally advanced in areas that require deeper technical integration. Overall, participants seem to conclude that digital maturity in this phase is functional but limited, with meaningful gaps in advanced capabilities.
At the same time, respondents disagreed with statements suggesting advanced digital capabilities, such as the ability to exchange or adapt 3D models or maintain historical project data, indicating that they do not perceive their organizations as digitally mature in the presentation and consulting sales phase. The interpretation of this data is consistent with Hartmann et al. (2018), who found that digitalization in B2B sales remains fragmented and uneven across different stages of the sales process. These results suggests that salespeople recognize the presence of digital tools but do not view them as sufficiently integrated, automated, or advanced to replace traditional, relationship‑driven methods during the presentation and consulting phase.

[bookmark: _Toc234499985][bookmark: _Toc234506860][bookmark: _Toc235104682]Sub Problem 3 – Sales Phase of Implementation
In the implementation phase, participants again rated their digital maturity at a moderate level, with a median score of 4, suggesting that organizations have some digital infrastructure but still rely on manual processes. The highest-agreed-upon items reflect this hybrid reality: respondents acknowledged having basic project or order management tools (67.07%) but also emphasized that much of the information flow still depends on personal interactions (57.14%). These views suggest that digital tools support implementation but do not fully streamline or automate it. The lowest‑rated items reinforce this conclusion. Few participants believed their tools enabled flawless implementation (30.36%) or that their organizations possessed all relevant digital tools for project and order management (26.78%). Likewise, only a quarter agreed that their organizations lacked digital tools entirely, indicating that the issue is inadequate capability. These results suggest participants appear to conclude that digital maturity in the implementation phase is present but underdeveloped, with digital tools supporting, but not transforming their work.
Additionally, respondents disagreed with statements suggesting advanced digital capabilities, such as possessing all relevant digital tools for project and order management (26.78%) or having systems that enable flawless implementation (30.36%). These lower‑rated items indicate that participants do not perceive their organizations as digitally mature in areas requiring deeper integration, automation, or end‑to‑end digital coordination. This interpretation of this data is consistent with Hartmann et al. (2018), who found that digital transformation in B2B sales processes is fragmented and that implementation activities often lag behind other phases in digital advancement. These conclusions suggest participants appear to conclude that digital maturity in the implementation phase is present but underdeveloped, with digital tools support, but do not yet reliable replace the work salespeople perform during this stage.
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The results suggest that participants generally viewed their sales quota attainment positively, with most respondents reporting that they met or exceeded their sales quota. Quota attainment ranged from 80% to 154.50%, and the median value of 117.25% indicates that at least half of the salespeople believed they were performing well above target. The mean quota attainment of 107.8% reinforces this perception, suggesting that, on average, respondents felt they were not merely meeting expectations but surpassing them. These results suggests that the salesforce sees itself as capable and effective in achieving their goals, reflecting confidence in their ability to deliver results within their project‑based environments.
At the same time, the range of quota attainment values highlights meaningful variation in how salespeople experience performance. While many respondents reported strong outcomes, others indicated more modest levels of attainment, suggesting that performance is not uniform across the group. The variation may reflect differences in customers, project complexity, market conditions, or organizational support which are factors that were not directly measured but likely shape how individuals interpret their success. Overall, participants’ responses suggest a performance environment where exceeding quota is common but not universal, and where individual circumstances play a significant role in shaping perceptions of attainment.

[bookmark: _Toc234499987][bookmark: _Toc234506862][bookmark: _Toc235104684]Sub Problem 5 – Relationship of Digital Selling Maturity and Sales Quota Attainment
Sub Problem 5 utilized a regression model to evaluate if the three digital maturity constructs predicted sales quota attainment. The three digital maturity constructs did not significantly predict sales quota attainment. The model explained only 4.84% of the variance, and none of the digital maturity variables were statistically significant predictors. The absence of significant relationships between digital maturity constructs and sales quota attainment suggests that digital maturity, as measured in this study, may not directly influence sales quota performance. The data aligns with research indicating that digital maturity often affects organizational efficiency, customer experience, and long‑term strategic outcomes rather than the personal sales quota attainment of sellers. Which aligns with research indicating that digital maturity primarily influences organizational‑level outcomes—such as efficiency, customer experience, and long‑term strategic performance—rather than directly determining the personal sales quota attainment of individual sellers (Boston Consulting Group, 2023; Aras & Büyüközkan, 2023).
These results suggest that digital maturity, as measured in this study, does not directly translate into higher individual sales quota attainment. The regression model explained only a small portion of the variance in performance, and none of the digital maturity constructs emerged as significant predictors, indicating that digital capabilities may operate at a level above individual seller performance. This study extends prior research which show that digital maturity primarily influences organizational‑level outcomes such as efficiency, customer experience, process quality, and long‑term strategic performance rather than the personal sales quota attainment of individual sellers (Boston Consulting Group, 2023; Aras & Büyüközkan, 2023). These findings reinforce that although digital maturity may be measured at different sales stages, the effects of digital maturity are not yet translated to the individual sales performance of salespeople.
The absence of significant relationships suggests that digital maturity may shape the environment in which sellers operate, but it does not necessarily determine whether a salesperson meets or exceeds quota. Instead, individual performance may be more strongly influenced by factors such as account mix, project complexity, market conditions, or role‑specific expertise, which fall outside the scope of the digital maturity constructs examined here. Another consideration given the unique focus of this study focusing on B2B project sales professionals is the overall maturity of their transactions. There is a blending that is occurring between B2C and B2B sales (Henderson et al., 2018), however the participants of the study may not yet have a meaningful level of adoption. Of the 3 types of B2B sales, project sales may have the least reliance on digital maturity because it has the highest degree of mutual investment between buyers and sellers (Rackham & Devincentis,1999).
This suggests these considerations indicate that the unique nature of project-based B2B selling may help explain why digital maturity did not emerge as a significant predictor of sales performance in this study. Although the broader sales landscape shows increasing convergence between B2C and B2B digital practices, the participants in this study may not yet operate in environments where digital adoption meaningfully shapes day‑to‑day transactions. As noted in the literature, project‑type B2B sales involve the highest degree of mutual investment, collaboration, and customization between buyers and sellers, making them less susceptible to full digital substitution or automation (Rackham and DeVincentis, 1999). In this context, digital maturity may enhance organizational processes or customer experience, but it may not directly influence the interpersonal, consultative, and highly customized work that defines project‑based selling. Consequently, the limited predictive power of digital maturity in this study may reflect the inherent characteristics of project sales rather than a lack of digital capability within the organizations themselves.
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The supplementary model, which incorporated demographic and background variables, explained 12.2% of the variance in sales quota but was also not statistically significant. Among the six predictors, only years in the current role emerged as a statistically significant predictor: All other predictors including years of B2B experience, age, education, organizational size, and percentage of time selling to non‑business consumer was non‑significant. Given the lack of significance in the multiple regression model and an individually significant variable, a simple linear regression model was used.
The most notable finding was the significance of years in the current role. The variable demonstrated the strongest standardized effect (Beta = .30) and was the only statistically significant predictor in the supplementary model. The data suggests that role‑specific experience, rather than general sales experience, may be more closely tied to quota attainment. These findings conclude that for every additional year of role specific experience a sales person should expect an addition .48% increase in their quota attainment. The effect is meaningful enough that they should expect higher performance from sellers with more tenure. The findings may be associated with sales professionals possessing a deeper familiarity with their product portfolio, deeper customer relationships, a greater understanding of internal processes/systems, and increased confidence and efficiency.
Interestingly, years of B2B experience was not significant, indicating that general sales tenure does not translate into improved quota performance unless it is accumulated within the same role. Non‑significant variables included age, education, organizational size, and percentage of time selling to non‑business consumers. These findings suggest that quota attainment in this sample is not meaningfully influenced by demographic characteristics or by the structural attributes of the respondent’s organization. The conclusion is supported by Verbeke et al. (2011) which conducted comprehensive sales research and concluded that current role and product knowledge were the more significant factors which affected sales performance.
This study extends prior research by providing empirical evidence that demographic and background characteristics such as age, education, organizational size, and general B2B experience do not meaningfully predict sales quota attainment. The non-significance of years of B2B experience indicates that general sales tenure does not translate into improved performance unless it is accumulated within the same role, where sellers gain deeper product knowledge and situational familiarity. Similarly, age, education, organizational size, and the percentage of time selling to non‑business consumers showed no meaningful relationship with quota attainment, reinforcing the conclusion that structural or demographic attributes are not strong drivers of individual sales outcomes.
This study did find that years in current role had a positive impact on sales quota attainment. The model estimated that each additional year in the current role was associated with approximately a 0.48-point increase in quota attainment. This aligns with Verbeke et al. (2011), who found that current role experience and product knowledge—rather than general experience or demographic factors—are more influential in shaping salesperson performance. While Verbeke et al. established that current role experience and product knowledge are more influential than general experience or demographic factors, the present study shows that this relationship holds true even when digital maturity and background variables do not predict performance. This finding deepens the literature by clarifying that the value of role‑specific experience having an impact at the individual’s performance levels. It also expands prior work by highlighting role stability as a practical lever organization can manage to improve performance, thereby offering new directions for future research on onboarding, retention, and the development of contextual expertise.
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Although the regression models did not reach statistical significance, several alternative explanations may account for these findings. First, digital maturity may operate primarily at the organizational level rather than the individual level, creating a level of analysis mismatch. Second, performance in project-based B2B environments is heavily influenced by contextual factors such as deal complexity, sales cycles, and broad economic conditions, which may overshadow individual predictors. Third, the restricted range of quota attainment and the modest sample size may have limited statistical power. Additional explanations include self-report bias, variability in role definitions, and the possibility that digital maturity influences different outcomes—such as customer satisfaction or sales cycle efficiency—rather than immediate quota performance. Together, these alternative explanations highlight the complexity of performance prediction in B2B sales and underscore the need for continued refinement of digital maturity constructs and performance measurement approaches.
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There are several potential implications of this study including: The emphasis on role stability and tenure; the strength of on-boarding and the ramp-up process and the evaluation of digital maturity investments. The findings of this study point to several important implications for organizations operating in complex B2B project‑based sales environments.
The first implication is the emphasis on role stability and tenure. As demonstrated by the results, more time in the role was positively associated with sales quota attainment. Organizations may benefit from eliminating unnecessary role transitions and encouraging longer role tenure. Ultimately stability may have a greater impact than overall years of experience. These findings suggest that organizations may benefit from reducing unnecessary role transitions and encouraging longer tenure within the same sales role. Stability appears to matter more than the total number of years a salesperson has worked in B2B environments, likely because role‑specific experience deepens product knowledge, customer familiarity, and situational expertise. This is demonstrated in sales research which indicates that role tenure which develops seller related knowledge has the biggest impact on sales performance (Verbeke, et al., 2011). Antecedent research concluded that role specific knowledge has a greater impact that generalized attributes (Churchill, et al, 1985). This suggests the evidence indicates that organizations may achieve stronger performance outcomes by prioritizing continuity and depth within roles rather than emphasizing broad experience across multiple positions.
The second implication is the strength of on-boarding and ramp-up process. B2B sales and project sales have increasing sales cycles and technical complexities (McClure et al., 2024). If organizations invest in more structured onboarding and mentorship programs they may increase their role stability. Finally, as organizations onboard these individuals given that sales are highly complex setting clearer role expectations will provide necessary clarity to new employees.
Finally, the third implication is the evaluation of digital maturity. As reviewed in the literature review, the world is becoming digitized, and this study attempted to associate the impact with sellers through their sales quota attainment. The results of this study suggest digital maturity may not impact sellers short term sales quota attainment; therefore, organization leaders should consider how to align digitization investments to their sellers. Additionally, if the digital tools are not aligned with the sales process and their workflows they may not make the seller specific impact the organizations envisioned.

[bookmark: _Toc234499991][bookmark: _Toc234506866][bookmark: _Toc235104688]Limitations
The first limitation of this study is the sample size, although 56 respondents were included, the statistical power was limited. The second limitation is that this study is capturing a single period of time which may be influenced by external factors. The third limitation is the creation of the instrument utilizing complex variables and scales that may not be fully comprehended. The fourth limitation was the data cleansing procedures including winsorizing which limited extreme values, it may have altered the impact on the dependent variable. The fifth limitation is the timing and effects of COVID which has accelerated investment in digital technology, but sellers may not be fully leveraging the technology. The sixth limitation is the timing and effects of AI, which may invoke a sense of obsolescence which may create resistance for adoption. The seventh limitation was the seller’s competence; it was possible their organization has higher digital maturity that they acknowledge but they may lack an adequate understanding of these capabilities. The eight limitation is response bias since they were self-reporting their sales quota attainment. The ninth limitation is the sampling strategy given that respondents self-declare themselves as B2B sellers in the projects sector. The tenth limitation is the generalizability of the study given that sellers will represent different industries and sell products of varying levels of complexity. The eleventh limitation was the limited gender diversity from the participants. The twelfth and final limitation was the limited length of the study. 
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There are many possibilities for future research in the topic of B2B sales and digital transformation. Future research should minimize self-report bias, account for post-COVID and AI related investments. Future research could assess digital maturity using organizational-level metrics to determine if structural or cultural factors better predict sales performance. Future research should consider multi-year sales performance to understand how digital maturity affects performance at the trend level rather than short-term quota attainment. Sales enablement departments help organizations implement technology; future studies could evaluate the strength and quality of these departments strengthen or weaken the perceptions of digital maturity and their relative impact on sales quota attainment. Future studies could more narrowly define the project-based B2B industries to create a narrower understanding of the impact of digital maturity by industry and its impact on sales quota attainment. Future studies could require CRM data to validate sales quota attainment rather than a self-evaluation score to reduce bias. Finally, this study was built from Voss et al. (2024) which provides a useful overview of digital maturity to specific sales stages, future research may choose to focus on a more nuanced digitization scale such as automation or AI.

[bookmark: _Toc234499993][bookmark: _Toc234506868][bookmark: _Toc235104690]Conclusions
This study found that digital maturity constructs and most demographic variables did not significantly predict sales quota attainment among B2B sales professionals. The only meaningful predictor was years in the current role, highlighting the importance of role‑specific experience in driving sales performance. These findings contribute to the understanding of sales performance drivers and suggest that organizations may benefit from emphasizing role stability, targeted onboarding, and long‑term capability development. While digital maturity remains strategically important, its direct impact on short‑term quota attainment to sellers may be limited. Future research should continue exploring the complex interplay between digital capabilities, experience, and sales outcomes.
This study found that digital maturity constructs and most demographic variables did not significantly predict sales quota attainment among B2B sales professionals, suggesting that these assumed variables of performance may play a more limited role than expected in project-based sales. The only meaningful predictor that emerged was years in the current role, underscoring the importance of role‑specific experience, accumulated product knowledge, and personal customer relationships. This reinforces the seminal work on the value of role stability in the success of salespeople and contribute to existing literature.
This finding has meaningful practical implications. Although the effect size is modest, the results demonstrate that role-specific experience contributes to improved sales performance, reinforcing the seminal work on the value of role stability in sales effectiveness. This is important because role stability is a factor that organizations can directly influence through staffing decisions, onboarding quality, and retention strategies. Sales leaders, HR teams, and enablement professionals’ benefit from this insight, as it provides evidence that reducing unnecessary role changes, strengthening early-tenure support, and retaining sellers long enough to build contextual knowledge can improve performance outcomes. The finding also contributes to the broader literature by confirming that role‑specific experience—not general experience or demographic characteristics—is a meaningful, behaviorally grounded predictor of salesperson success in project‑based B2B environments.
While digital maturity remains strategically important at the organizational level, its direct influence on short‑term quota attainment for individual sellers may be limited unless digital tools are tightly aligned with sales workflows. Project-based B2B sellers may be in a unique contemporary state of technology resistance until they see clear value. Future research should continue examining how digital capabilities interact with experience, role design, and sales process complexity to shape both individual and organizational performance outcomes. Finally, future research should address identified limitations and continue to advance this line of inquiry.
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Dear Colleagues,
I have been working on my PhD for a number of years, and my last step is conducting some research. My research is intended to understand the effects organization digital maturity may have on sales performance. So, if you are a project Business-to-Business sales professional please consider taking the survey and/or sharing it.

The invitation letter, qualification requirements, and survey can be accessed here: XYZ

Sincerely,
Larry Fosnight
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1. Are you a Business-to-Business salesperson selling products or services in the projects sector?
a. Yes or No

2. Do you have a sales target or a quota?	
a. Yes or No

3. Are you the principal of your business or a senior leader of a corporation?	
a. Yes or No

4. Years in current role?	

5. Years in Business-to-Business sales?	

6. Percentage of your time selling to non-business consumers.	

7. Approximately how many employees in your organization?
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1. What is your Age?	

2. What is your Gender?
a. M
b. F
c. Non-Binary/Third Gender
d. Prefer not to Say
3. Ethnic Group
a. American India or Alaska Native
b. African American
c. Asian
d. Hispanic or Latino
e. Native Hawaiian or Pacific Islander
f. White
g. Other
4. Educational Level
a. High School
b. Some College
c. Bachelor’s Degree
d. Master’s degree
e. Doctoral Degree
5. Industry
a. Manufacturing
b. Consulting or Business Services
c. Software
d. Pharmaceuticals
e. Others
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Appendix E - Survey

Please scale the following from (1) strongly disagree, (2) disagree, (3) neutral, (4) agree, (5) strongly agree

1. There is no alignment between sales and marketing on leads. Marketing only creates simple outbound communications. 
2. Leads are generated and qualified through personal interactions only. 
3. Marketing lacks an understanding of customers and does not generate relevant content. 
4. Leads are generated by marketing, but the quality of the leads is poor and requires manual participation by sales. 
5. Marketing shares relevant content to customers on offerings and pain points are solved by organizations solutions. 
6. Sales is not fully integrated in the technical tools used by marketing. 
7. Leads contacts are captured and some forms of automated communication are used for nurturing.
8. Marketing shares content to customers and organization may use digital tools such as chatbots for customer communications.
9. Marketing and sales are fully digital in communication, generating, and qualifying leads. They are also fully aligned with one another in assisting customers in their journeys. 
10. Leads are well integrated into Sales CRM and have relevant scoring information with lead scoring systems.
11. I rely on face-to-face interactions to demonstrate product offerings.
12. Sales and technical staff support customers, but there is a lack of communication which affects customer experiences. 
13. I rely on PowerPoint to present my product to customers.
14. My technical department offers CAD files for consulting to clients. 
15. We can receive clients’ 3D models to advise on the application of our products.
16. We maintain historical project and product data for our customers.
17. We can adapt ours and our clients’ 3D models to match their requirements.
18. We have product data such as energy consumption and C02 production.
19. We offer various visualization tools of our products for customers including virtual reality and 3D modeling for demonstration and consulting.
20. We have software and file hosting programs to receive and deliver customer drawings and models.  
21. My organization has no digital tools for project or order management.
22. All information on project and order status is provided through personal interactions.  
23. My organization has basic tools for project or order managements.
24. My organizations basic tools to provide some project or order information, but personal interactions may be required for additional information. 
25. My organization has digital some digital tools for project and order management. 
26. My organization’s tools help customers understand their project and order status.  
27. My organization possesses and uses many digital tools for project and order management. 
28. My organizations tools lead to efficient project and order management.
29. My organization possesses and uses all relevant digital tools for project and order management. 
30. My organization tool’s lead to a flawless project implementation.
31. What was your level of sales target/quota attainment for the previous full year expressed in a percentage? (Examples: 80% indicates falling short of goal by 20%; 100% indicates achieving goal; 120% indicates exceeding goal by 20%)
32. 
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Predictive Value of Digital Maturity by Sales Processes in Project Business-to-Business Salespeople Success

Principal Investigator: Larry Fosnight at Marywood University
Principal Investigator Contact Information: +1 707-292-8798 / lkfosnight@m.marywood.edu
Research Advisor: Dr. Alan M. Levine at Marywood University
Research Advisor Contact Information: levine@maryu.marywood.edu 

Invitation for Research Study
You are invited to participated in a research study attempting to understand the level of digital maturity among project Business-to-Business salespeople. 

The study requires that participate meet the following criteria:
· Reside in the US
· Be 18 years or older
· Have 2+ years of experience in Business-to-Business sales role
· Business-to-business project sales represent 50% or more of your selling portfolio
· Individuals should have the primary function of being a salesperson, not firm principals or senior corporate leaders
· Individuals need to be measured by a sales target or sales quota

Purpose – About the Study
The purpose of this quantitative study is to understand the predictive effects of digital selling technology on sales performance in project Business-to-Business salespeople.

Procedures – What you will do
Participants will be asked to respond to inclusion criteria questions to verify that they met the requirements of the study. The research questions will ask participants to describe their opinions about their organization’s investment in digital selling tools and the digital experiences they and their customers have. Finally, participants will be asked about the prior-year’s sales target/quota attainment. Participation in this study will require approximately 10 minutes to complete. 

Risk and Benefits
The risks in this study in this study are no greater than those experienced in one’s daily life. The benefit of this study is contributing to the field of digital selling technology.

Confidentiality
The records of this study will be kept private. The method used to collect information will not contain any personally identifiable information. The records will be stored in a password protected encrypted computer. The records will be kept for three years and then destroyed.  

Voluntary Participation
Participation is voluntary. Your decision whether or not to participate will not affect your current or future relationship with the researcher. It will not affect your relationship with Marywood University. You may withdraw from the study at any time. Only complete surveys will be used in the study.  

Contacts and Questions
If you have questions about this study at any time, contact the principal investigator or the advisor. Their contact information appears at the top of page one.

If you have questions related to the rights of research participants or research-related injuries (where applicable), please contact the Institutional Review Board at (570) 961-4782 or irbhelp@marywood.edu.

You may print a copy of this form to keep for your records.

Statement of Consent

I have read the above information. I have asked questions and have received answers. I consent to participate in this study.

By proceeding with this survey, I acknowledge that I have read and understood this form. I consent to participate in this study.

Yes 
No
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	Predictor
	B
	SE(B)
	β
	t
	p
	Tolerance
	VIF

	Constant
	82.07
	28.77
	—
	2.85
	0
	—
	—

	V1Mean
	3.67
	6.75
	0.081
	0.54
	0.59
	0.82
	1.21

	V2Mean
	9.77
	7.44
	0.182
	1.31
	0.19
	0.95
	1.05

	V3Mean
	-5.05
	6.27
	-0.12
	-0.8
	0.42
	0.85
	1.17


Note. Dependent variable: Sales Quota.
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	Statistic
	Minimum
	Maximum
	Mean
	SD
	N

	Predicted Value
	99.17
	114.54
	107.83
	3.21
	56

	Standardized Predicted Value
	-2.69
	2.09
	0
	1
	56

	SE of Predicted Value
	2.05
	7.61
	3.68
	1.34
	56

	Adjusted Predicted Value
	96.24
	116.97
	107.74
	3.69
	56

	Residual
	-22.78
	46.46
	0
	14.25
	56

	Standardized Residual
	-1.55
	3.17
	0
	0.97
	56

	Studentized Residual
	-1.69
	3.39
	0
	1.03
	56

	Deleted Residual
	-27.17
	58.26
	0.09
	15.96
	56

	Studentized Deleted Residual
	-1.73
	3.81
	0.02
	1.08
	56

	Mahalanobis Distance
	0.09
	13.85
	2.95
	3.03
	56

	Cook’s Distance
	0
	1.06
	0.03
	0.14
	56

	Centered Leverage Value
	0
	0.25
	0.05
	0.05
	56


Note. Dependent variable: Sales Quota.
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	Variable
	N
	Min
	Max
	Mean
	SD

	Years in Current Role
	56
	2
	37
	11.52
	9.49

	Years in B2B Sales
	56
	2
	50
	15.75
	11.85

	% of Time Selling to Non‑Business Consumers
	56
	0
	50
	7.68
	13.35

	Organizational Size (Employees)
	56
	19
	100,000.00
	13,695.45
	25,744.81

	Age
	56
	22
	70
	43.95
	13.6

	Educational Level
	56
	1
	4
	2.39
	0.78


Note. Valid N (listwise) = 56.
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	Variable
	N
	95th Percentile

	Years in Current Role
	56
	33.3

	Years in B2B Sales
	56
	41.35

	% of Time Selling to Non‑Business Consumers
	56
	40

	Organizational Size (Employees)
	56
	65,750.00

	Age
	56
	70

	Educational Level
	56
	4


Note. Valid N (listwise) = 56.
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	Predictor
	B
	SE(B)
	β
	t
	p
	Tolerance
	VIF

	Constant
	103.98
	10.72
	—
	9.7
	<.001
	—
	—

	Age
	-0.22
	0.32
	-0.21
	-0.68
	0.49
	0.19
	5.06

	Education
	2.82
	4.23
	0.09
	0.67
	0.51
	0.86
	1.17

	Current Experience
	0.8
	0.36
	0.51
	2.2
	0.03
	0.34
	2.94

	Total Experience
	0.03
	0.38
	0.02
	0.08
	0.94
	0.22
	4.53

	B2C Selling %
	0.12
	0.17
	0.11
	0.72
	0.47
	0.79
	1.27

	Employees
	0
	0
	-0.11
	-0.73
	0.47
	0.73
	1.37


Note. Dependent variable: Sales Quota.
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	Predictor
	B
	SE(B)
	β
	t
	p
	Tolerance
	VIF

	Constant
	102.36
	2.99
	—
	34.14
	<.001
	—
	—

	Current Experience
	0.48
	0.2
	0.3
	2.34
	0.02
	1
	1


Note. Dependent variable: Sales Quota.
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Sales Performance
(Measured in quota attainment)


Digital Maturity of Sales Process: Researching Accounts and Projects 
(RQ1)


Digital Maturity of Sales Process: Presentation and Consulting 
(RQ2)


Digital Maturity of Sales Process: Implementation 
(RQ3)
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Normal P-P Plot of Regression Standardized Residual
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